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Abstract

In this paper, we investigate how right-wing populist election shocks affect asset ownership. Therefore,

we gather a unique dataset of 1.3 million global power plant-year observations including dynamic

ownership information. In a DiD setting on the power plant level, we leverage the first presidential

election of Donald Trump as a quasi-exogenous change of the political orientation in the US We find

that foreign owners are more likely to sell US power plants to home-owners. The effect is sizeable:

the MW-weighted likelihood of this asset transfer increases by more than 9 percentage points for a

given power plant. The likelihood of selling US power plants to home owners is higher for foreign

liberal owners. US buyers are more likely to be headquartered in Republican states. We find that this

asset transfer is concentrated among brown power plants. We extend the analysis to multiple right-

wing populist elections in a stacked DiD setting and find that foreign-liberal owners sell brown power

plants to home owners as a reaction to the elections. We rationalize these findings with a theoretical

framework and show that the political distance to the right-wing populist ideology interacted with the

climate preference alignment jointly explains our results.
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1 Introduction

The last two decades brought unprecedented political change to the relatively stable
post-war political economy of the Western world: the elections of populist leaders such
as Donald Trump or Boris Johnson. Such right-wing populist election shocks may shape
both economic and financial outcomes. Prior research shows that political shocks affect
stock prices (Ramelli et al., 2021; Wagner et al., 2018), and impact households, corpo-
rate executives, and financial intermediaries’ decision making (Kempf and Tsoutsoura,
2024). However, little is known about the impact of political shocks on the ownership
of long-lived strategic assets and how such shocks interact with the climate transition
risks of pollutive assets. Better understanding the ownership of strategic assets can help
anticipate climate policy resistance (Dulong et al., 2023) and lobbying against climate
policy (Leippold et al., 2024).

In this paper, we investigate how right-wing populist election shocks affect the own-
ership of fossil and green power plants. We first study the surprising and salient first
election of Donald Trump in detail to then extend the scope of the analysis to multiple
right-wing populist election shocks. The power sector is a unique setting to study the
effect of political shocks on asset ownership for two reasons: First, power plant owners
are heavily exposed to political shocks and regulation since power plants are very long-
lived fixed assets that cannot be moved away or easily retrofitted as a consequence of
election shocks. Second, power plants are relevant for the low carbon transition and
therefore heavily exposed to climate policy driven transition risks (Hagen and Kollen-
bach, 2025). The power sector is responsible for more than a third of global GHG
emissions1, and other sectors’ decarbonization strategies heavily rely on the power sec-
tor. Overall, power plants are regularly traded assets, and owners can react to (election)
shocks by strategically increasing or decreasing ownership of power plants with brown
or green energy technology.

We develop a simple theoretical framework to derive four testable predictions on how
right-wing populist election shocks affect asset ownership. The framework includes
different types of owners (home, foreign, conservative, and liberal) who hold brown
or green power plants and differ in their political distance to the new administration
and their reference climate policy stringency. A right-wing populist election shock
simultaneously raises the expected returns on brown assets, increases political distance
costs for most foreign owners, and reduces US climate policy stringency. The interaction

1 https://www.statista.com/statistics/276480/world-carbon-dioxide-emissions-by-sector/
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of these three channels generates heterogeneous ownership responses across owner types
and asset technologies. Specifically, we predict that: (i) foreign-liberal owners divest
brown US assets to home owners (re-nationalization); (ii) home owners become more
likely to buy brown assets, compared to green assets (brown-green asymmetry); (iii)
liberal foreign owners face strictly larger sell pressure than conservative foreign owners
(ideological sorting); and (iv) Republican-state home owners are more likely to buy
brown assets than Democratic-state home owners (owner-state sorting).

In line with recent research (Lin et al., 2026), we rely on the World Electric Power
Plants (WEPP) dataset to test these predictions. The WEPP dataset features a global
time series of power plant year observations, including detailed plant information as well
as the name of the largest owner - the parent. We gather additional information on the
location of all asset owners by matching the unique global parents with LSEG/Eikon
and Orbis. For all remaining parents, we use Large Language Model (LLM)-powered
natural language processing to gauge location information based on the name of the
owner. The detailed global coverage of both power plants and asset owners goes beyond
previous work that mostly focused on listed owners of power plants in high-income
countries. We split asset owners into home and foreign, based on the location of the
companies’ headquarters. We leverage this dataset to analyze asset transfers between
different types of asset owners over time. We carefully check asset transfers to rule out
false positives in terms of asset sales: We therefore align owner names that refer to the
same asset owner by means of an LLM and through matching.

We first descriptively study ownership dynamics of US power plants over time by means
of an ownership flow diagram. We provide three stylized facts on power plant ownership
in the US from 2011 to 2021: First, the majority of assets are held by domestic asset
owners. Conservative domestic owners are the largest asset owner group. Second, for-
eign owners from liberal countries own substantially more gigawatt (GW) than foreign
asset owners from conservative countries. Third, there is little asset trading between
owners, relative to the overall ownership shares, that is, most owner groups keep their
GW relatively stable year over year.

In the main part of the paper, we leverage the surprising first election of Donald Trump
as President of the United States in 2016, due to his strong position in favor of fossil fuels
and against foreign ownership of strategic assets. We therefore expect heterogeneous
reactions of different asset owners for different assets. Our core empirical challenge
is to disentangle the effect of the election shock on the ownership of power plants
in the US from other correlated factors. We use the election of Donald Trump as a
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quasi-exogenous change of political orientation in the US that differentially changed
the political alignment of different owner groups to the new US presidential ideology.
In our preferred empirical specification, we use a difference-in-differences (DiD) research
design on the power plant level to compare the probability of power plant transfers by
owner groups in the US compared to a control group of international power plants, both
before and after the treatment. Due to the granular power plant information of roughly
1.3 million installation-years, we can differentiate the treatment effect for brown and
green power plants as well as between different owner groups. By using power plant,
lagged owner and year fixed effects we run a tight empirical specification that compares
the within power plant asset transfer probability by a specific asset owner. We control
for populist election spillovers as well as other political shocks in control countries
by excluding assets owned by foreign owners, whose countries experienced right-wing
populist election wins after Trump.

Our main finding is that foreign owners sell power plants to domestic US owners after
the Trump election shock: the MW-weighted likelihood of this foreign to home asset
transfer for a given US power plant relative to the control group increases by roughly
9 percentage points. The coefficient estimate is economically very large given that
the baseline probability of this type of asset transfer before the treatment is only 1.4
percentage points. The probability that a home-owned plant is sold to a foreign asset
owner decreases. We explain the results by zooming into the foreign sellers as well as
the domestic buyers.

Based on our theoretical framework, we hypothesize that the selling pressure is higher
for owners that are less politically and sustainably aligned with the new US administra-
tion. We therefore first split foreign asset owners along the political orientation of the
home country at the time of the Trump election into liberal and conservative using the
right-left ideology (rile) party/candidate classification of the Manifesto database2. We
find that foreign liberal owners are driving the divestment effect for US power plants as
they are roughly 8 times more likely to sell US power plants to home owners compared
to a coefficient of only 1 percentage point for foreign conservative owners, in line with
our theoretical framework, which predicts strictly larger sell pressure for liberal than
conservative foreign owners.

For buyers, we zoom into US owners by splitting them into liberal owners from Demo-
cratic states and conservative owners from Republican states. We base this classification

2 https://manifestoproject.wzb.eu/datasets
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on the active state governor at the time of the Trump presidential election. We find that
the buying pressure is driven by US conservative owners, who are 7.1 percentage points
more likely to buy power plants from foreign owners. US liberal owners, on the other
hand, are only 2.3 percentage points more likely to buy foreign power plants. Going
beyond the home/foreign dichotomy, we find that overall conservative buyers are more
likely to buy power plants in the US from overall liberal owners. Liberal owners are less
likely to buy from conservative owners. The pattern of results is consistent with our
theoretical framework: conservative home owners are most aligned with the presidential
ideology, mirroring the ’America First’ approach of the Trump administration. Liberal
foreign owners from countries such as Sweden or Colombia face a substantial political
distance to the new US administration, while owners from conservative countries such
as Israel or Hungary are ideologically closer to Trump than to the previous Obama
administration.

We then analyze the transfer patterns for brown and green power plants in a triple
difference setting. We find that home owners are more likely to buy brown than green
power plants after the election, consistent with our theoretical framework, which pre-
dicts that the shock increases home owners’ utility for brown but decreases it for green
assets. This effect is particularly pronounced for foreign liberal sellers and US con-
servative buyers. Foreign-conservative owners show an asymmetric pattern: They are
less likely to sell brown but more likely to sell green power plants. The brown-green
asymmetry reflects the climate preference alignment of different owner groups: home
owners adopt the Trump administration’s preference for fossil fuels, while foreign liberal
owners invest against the backdrop of increasingly stringent climate policies at home
and are therefore more likely to divest brown assets.

Our main results are robust: (i) in a permutation test, (ii) in a 1:1 matched sample,
(iii) in a restricted sample of OECD countries, (iv) in a restricted sample that does not
rely on any LLM owner categorization, (v) in a full sample where no foreign owners
are excluded due to political shocks in their home countries, (vi) in a specification that
uses unweighted observations, and (vii) within gas, coal, and renewable power plants
separately.

We extend the analysis to seven additional global right-wing populist election shocks3.
We use a triple-difference stacked DiD design with 3-year windows around the election
years and find that foreign liberal owners are up to 4.4 percentage points more likely

3 The other right-wing populist leaders were elected in Brazil, Bulgaria, India, Italy, the Philippines,
the United Kingdom, and Poland.
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to divest brown rather than green power plants to home owners. The coefficients for
foreign conservative owners are insignificant. These results show the external validity
of the US results and highlight a new pattern: right-wing populist elections change the
ownership dynamics of long-lived strategic assets in favor of home owners, in line with
a re-nationalization of strategic assets. This effect is moderated by both the ideological
alignment of the asset owner, relative to the right-wing populist leader, as well as the
climate preference of the owner group relative to the host country.

In this paper, we combine a political economy and a transition risk literature. First,
we contribute to a literature on the economic and financial impacts of political risks.
Kempf et al., 2023 show that ideological alignment with foreign governments affects
the cross-border capital allocation by US institutional owners. Julio and Yook, 2012
find that political uncertainty in election years is associated with lower investments in
foreign affiliates (Julio and Yook, 2016). Bisetti et al., 2022 study close Democratic
wins in US congressional races and find evidence for lower plant-level pollution and
emission shifting to Republican states. Baker et al., 2016 develop the Economic Policy
Uncertainty Index and show that increased uncertainty leads to declines in investment,
output, and employment in the United States. Marx et al., 2024 document a positive
effect of electoral turnovers on a country’s economic performance. Finally, Funke et
al., 2023 show that countries with new populist leaders face higher inflation, lower
GDP, and decreasing financial openness. Our study makes three important additions
to this literature. First, we causally show that the election of right-wing populist leaders
results in ownership transfers of strategic long-lived assets. Second, we show that the
ideological distance of different owner groups to the host country shapes these ownership
changes. Third, we show that owners not only align investments with political ideology,
but also take into account the transition risk profile of green and brown assets.

Second, we add to a literature that analyzes the economic impacts of transition risk
shocks. Andersson, 2019 and Colmer et al., 2024 show that climate policies are effec-
tive in reducing national emissions. Duchin et al., 2024 investigate divestments as a
reaction to environmental pressure. Bartram et al., 2022 causally show that financially
constrained firms shift CO2-intensive production away from states where climate policy
increases suddenly. In an event study around the Paris Agreement, Berg et al., 2023
show that large emitters reduced carbon emissions through divestments of pollutive
plants. Green and Vallee, 2025 analyze the impacts of banks’ coal exit policies and
find that heavily exposed borrowers have issues in financing their coal operations and
are more likely to decommission coal power plants. Darmouni and Zhang, 2024 study
coal power plant ownership in Europe and find that state owned plants are slowest in
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scaling down. Finally, Dulong, 2023 investigates the asset stranding risk distribution of
the global power sector, given certain decarbonization scenarios. We contribute to this
literature by going beyond the analysis of asset ownership in high-income countries and
for listed owners. We compile data on all global power plants, including their non listed
owners. We also analyze both green and brown assets, as previous work mostly focused
on brown assets. We thereby show that transfers between different asset owners depend
on the ideological and climate alignment of owners with the host country. We also ex-
tend this literature toward analyzing the effect of right-wing populist election shocks
that decrease (as opposed to increase) transition risks for long-lived carbon intensive
assets.

2 Institutional background and theoretical frame-
work

Donald Trump won the presidential election in the United States on November 8, 2016.
The election of Donald Trump was very surprising; all major polls projected a victory
of Hillary Clinton in the weeks before the election. The New York Times projected a
Clinton victory with 85% probability4; betting markets closed at an 82% probability
in favor of Hillary Clinton5, and FiveThirtyEight by Nate Silver gave Clinton a 71%
probability before the election6.

The magnitude of the political shock was extreme as Trump’s political views differed
sharply from President Obama’s. Trump’s campaign promises followed a right-wing
populist agenda: He supported economic protectionism and opposed free trade. He
positioned himself strongly against immigration and put an emphasis on law and order.
Further positions included corporate tax rate cuts and opposition to climate policies.
The manifesto database constructs a left-right-ideology score from -100 to +100. The
election of Donald Trump moved this score 40 points to the right. From 2011 to
2021, there are only three comparable election shocks7 around the world, indicating the
salience of the political shock.

4 https://www.nytimes.com/interactive/2016/upshot/presidential-polls-forecast.html?_
r=0#other-forecasts

5 https://electionbettingodds.com/WIN_chart_maxim_lott_john_stossel.html
6 https://fivethirtyeight.com/features/why-fivethirtyeight-gave-trump-a-better-chanc

e-than-almost-anyone-else/
7 The three election shocks are the Austrian parliamentary election in 2017, the election of Jair

Bolsonaro in Brazil in 2018, and the parliamentary election in Greece in 2019.
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We expect that the election of Donald Trump had an impact on power plant ownership
in the US due to two key political positions that differed sharply from the previous
administration: First, Donald Trump is a radical supporter of fossil fuels and posi-
tioned himself strongly against renewable energies. His campaign promises included
the withdrawal from the Paris Agreement, the end of domestic climate policies, and an
increase in the production and consumption of fossil fuels8. Financial markets reacted
accordingly as Ramelli et al., 2021 show that fossil fuel stocks profited from the election
of Donald Trump. Second, his "America-First" campaign favored domestic owners over
foreign owners, particularly for strategic or critical assets9 such as power plants or grid
infrastructure. On a more general level, Trump favors politically aligned conservative
owners over more liberal owners.

We therefore expect that the political shock of his election changed investment prefer-
ences in the US for home and foreign owners. We also expect that his election changed
the technological preference of home owners in the US. We use a simple theoretical
framework to transparently derive four hypotheses that guide our empirical analysis.
We model the utility of individual owners rather than market equilibrium, as owner-
ship decisions are shaped by owner-specific political and climate preferences as well as
asset-specific regulatory exposure.

There are three owner types o ∈ {H, FC, FL}, denoting home, foreign-conservative,
and foreign-liberal owners respectively. Assets (power plants) are characterized by their
technology type τ ∈ {B, G} (brown, green) and are located in the US.10 A right-wing
populist election shock (Trump election) is indexed by δ > 0, with δ = 0 denoting the
pre-shock environment.

The net utility of owner o holding a US asset of technology τ under shock δ is:

U τ
o (δ) = πτ (δ) − α · do(δ) − β · λτ ·

(
γ(δ) − γ̄o(δ)

)2
(1)

where:

• πτ (δ) ∈ R: expected financial return on a US asset of technology τ under δ

8 https://insideclimatenews.org/news/27052016/donald-trump-republican-party-electio
n-fossil-fuels-coal-oil-gas-fracking-climate-change-paris/

9 https://www.nytimes.com/2018/08/01/business/foreign-investment-united-states.html
10 We conceptualize our formal framework for the exemplary case of the US and the Trump election,

which is the main focus of our analysis. The theoretical framework also applies to other countries
and right wing populist election shocks that satisfy our assumptions.
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• do(δ) ≥ 0: political distance cost for owner o operating in the US under δ; captures
regulatory uncertainty, expropriation risk, and reputational exposure

• γ(δ) ∈ R: climate policy stringency of the US under δ; an external, country-level
variable

• γ̄o(δ) ∈ R: owner o’s reference climate policy stringency, reflecting the policy
environment they are institutionally adapted to or mandated to align with

• λτ ≥ 0: emission intensity weight of technology τ ; scales how much the policy
mismatch bites for a given asset

• α, β > 0: preference weights on political distance and climate misalignment

The term λτ (γ(δ)−γ̄o(δ))2 is the climate misalignment cost: it is large when the owner’s
reference stringency γ̄o differs substantially from the host country’s policy environment
γ(δ), and is scaled by the emission intensity of the asset. Note that γ is an external
policy variable, while γ̄o is an owner-specific preference parameter. The climate mis-
alignment cost includes two channels through which a divergence between US climate
policy and an owner’s reference stringency affects the utility of holding brown assets.
First, such a divergence creates genuine uncertainty about the future regulatory trajec-
tory of the asset, making it harder to plan and finance long-term investments. Second,
owners whose stakeholders at home (institutional investors, regulators, and customers)
operate under stricter climate norms increasingly face reputational penalties for hold-
ing brown assets in jurisdictions with lax climate policy, independently of the financial
returns.

Each owner faces a buy threshold Ū+,τ
o and a sell threshold Ū−,τ

o with Ū+,τ
o > Ū−,τ

o .
The region [Ū−,τ

o , Ū+,τ
o ] is the inaction region. The owner:

• Buys technology τ if U τ
o (δ) > Ū+,τ

o

• Holds if Ū−,τ
o ≤ U τ

o (δ) ≤ Ū+,τ
o

• Sells if U τ
o (δ) < Ū−,τ

o

A transaction from seller o to buyer o′ on a τ -asset requires both parties to cross
their respective thresholds simultaneously. Under the assumption that buyer and seller
decisions are independent (ruling out strategic interaction between specific buyer-seller
pairs) the probability of observing a transaction from o to o′ is:
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P τ
o→o′(δ) = P

(
U τ

o (δ) < Ū−,τ
o

)
︸ ︷︷ ︸

sell probability of o

· P
(
U τ

o′(δ) > Ū+,τ
o′

)
︸ ︷︷ ︸

buy probability of o′

(2)

Since both probabilities are monotone in U , applying the product rule gives:

∂P τ
o→o′

∂δ
= ∂P sell

o

∂δ
· P buy

o′ + P sell
o · ∂P buy

o′

∂δ

A sufficient condition for ∂P τ
o→o′
∂δ

> 0 is that ∂Uτ
o

∂δ
< 0 (seller’s utility falls, raising P sell

o )
and ∂Uτ

o′
∂δ

> 0 (buyer’s utility rises, raising P buy
o′ ), since both terms are then positive.

All predictions are therefore derived from computing and ranking ∂Uτ
o (δ)
∂δ

across owner
types o and technology types τ . Against the backdrop of Trump’s strong preference for
fossil fuels vs. renewable energies, we assume:

Assumption 1 (Return shift). The shock raises expected returns on brown assets and
lowers them on green assets:

RB ≡ ∂πB(δ)
∂δ

> 0 RG ≡ ∂πG(δ)
∂δ

< 0

Following Trump’s "America-First" position around critical assets and the increased
uncertainty for foreign owners, particularly owners that are ideologically not aligned
with the Trump administration, we further assume:

Assumption 2 (Political distance ordering). The shock does not increase political dis-
tance for home owners, liberal foreign owners face a strictly positive increase, and liberal
owners face a larger increase than conservative owners:

DH ≡ ∂dH

∂δ
≈ 0 DF C ≡ ∂dF C

∂δ
< DF L ≡ ∂dF L

∂δ
DF L > 0

No sign restriction is imposed on DF C: if conservative foreign owners become more
politically aligned with the US after the shock, DF C < 0 is admissible.

Note that the ambiguity of DF C reflects the political reality of the Trump election. The
shock moved the US rile score from −6 to +33, a shift so large that it unambiguously
increased political distance for liberal foreign owners. For conservative foreign own-
ers, however, the direction is genuinely unclear: Owners from countries such as Israel
or Hungary are actually more aligned with the new US administration than with the
previous Obama administration, whereas owners from moderately conservative coun-
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tries such as the Netherlands or Chile face an increased distance. The net effect for
conservative foreign owners therefore depends on the specific country.

Assumption 3 (Policy stringency shift). The shock reduces US climate policy strin-
gency:

∂γ(δ)
∂δ

< 0

Assumption 4 (Reference stringency). Liberal foreign owners have a strictly higher
reference stringency than conservative foreign owners, and liberal foreign owners are
strictly greener than post-shock US policy:

γ̄F L > γ̄F C and γ̄F L > γ(δ)

Foreign owners’ reference stringency is unaffected by the US shock, as it is anchored to
climate policy in their home countries:

∂γ̄F C

∂δ
= ∂γ̄F L

∂δ
= 0

Home owners’ reference stringency tracks the US policy shift:

∂γ̄H

∂δ
= ∂γ

∂δ
< 0 so that γ̄H(δ) = γ(δ)

Assumption 5 (Emission intensity). Brown assets have strictly higher emission inten-
sity than green assets, and green assets have negligible emission intensity:

λB ≫ λG ≈ 0

Assumption 6 (FL divestment). The political distance and climate misalignment costs
for liberal foreign owners jointly dominate the return gain from fossil fuel deregulation
on brown US assets:

αDF L + 2βλB|GF L|
∣∣∣∣∣∂γ

∂δ

∣∣∣∣∣ > RB

Assumption 6 is the only magnitude restriction in the model. While assumptions 1–5
establish the signs and directions of the relevant objects, assumption 6 requires that
the political and climate cost channels are quantitatively large enough relative to the
return gain to determine the net sign of ∂UB

F L

∂δ
.
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Differentiating (1) with respect to δ:

∂U τ
o (δ)
∂δ

= ∂πτ (δ)
∂δ︸ ︷︷ ︸
Rτ

− α
∂do(δ)

∂δ︸ ︷︷ ︸
Do

− 2βλτ
(
γ(δ) − γ̄o(δ)

)
︸ ︷︷ ︸

Go(δ)

(
∂γ

∂δ
− ∂γ̄o

∂δ

)
︸ ︷︷ ︸

Mo

(3)

where Go(δ) denotes the climate policy gap and Mo its marginal change with respect to
the shock. The term Go · Mo is the misalignment effect. We evaluate its sign for each
owner type.

Home owners. By assumption 4, GH = γ(δ)− γ̄H(δ) = 0 exactly. The misalignment
effect vanishes:

GH · MH = 0

Foreign-conservative owners. Since ∂γ̄F C

∂δ
= 0, we have MF C = ∂γ

∂δ
< 0. The sign

of GF C = γ(δ) − γ̄F C is unrestricted, so:

GF C · MF C =
(
γ(δ) − γ̄F C

)
· ∂γ

∂δ
⪌ 0

If γ̄F C < γ(δ): misalignment falls as US policy moves toward FC preferences.
If γ̄F C > γ(δ): misalignment rises.

Foreign-liberal owners. By assumption 4, γ̄F L > γ(δ), so GF L = γ(δ) − γ̄F L < 0.
Since MF L = ∂γ

∂δ
< 0:

GF L · MF L > 0 (misalignment rises)

Substituting into (3) gives the following derivatives by owner type and technology.

Brown assets.

∂UB
H

∂δ
= RB > 0 (4)

∂UB
F C

∂δ
= RB − αDF C − 2βλBGF CMF C ⪌ 0 (5)

∂UB
F L

∂δ
= RB − αDF L − 2βλB GF LMF L︸ ︷︷ ︸

> 0

(6)
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Equation (5) is ambiguous: DF C and GF CMF C are both unrestricted in sign. Equa-
tion (6) is negative under assumption 6, which requires αDF L + 2βλBGF LMF L > RB.

Green assets. Using λG ≈ 0:

∂UG
H

∂δ
≈ RG < 0 (7)

∂UG
F C

∂δ
≈ RG − αDF C ⪌ 0 (8)

∂UG
F L

∂δ
≈ RG − αDF L < 0 (9)

With these prerequisites we can derive the following predictions on how the shock
changes the probability of transactions between owner types.

Prediction 1 (Re-nationalization). The shock increases the probability of liberal-foreign-
to-home transactions and decreases the probability of home-to-liberal-foreign transac-
tions on brown US assets:

∂P B
F L→H(δ)

∂δ
> 0 ∂P B

H→F L(δ)
∂δ

< 0

Proof in Appendix 6.1.11

Prediction 2 (Brown-green asymmetry). The shock increases home owners’ utility for
brown assets and decreases it for green assets:

∂UB
H (δ)
∂δ

> 0 >
∂UG

H (δ)
∂δ

Home owners are therefore more likely to buy brown than green US assets after the
shock.

Proof in Appendix 6.1.

11 Prediction 1 is stated for liberal foreign owners (FL), for whom the model delivers a clean directional
result under assumptions 1–6. For conservative foreign owners (FC), the direction of the shock’s
effect on US brown asset holdings is theoretically ambiguous: ∂UB

F C

∂δ ⪌ 0 depending on the sign and
magnitude of DF C and GF C , neither of which is restricted by the model’s assumptions.
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Prediction 3 (Liberal vs. conservative divestment). The shock generates strictly larger
sell pressure on brown US assets for liberal than conservative foreign owners:

∂UB
F L(δ)
∂δ

<
∂UB

F C(δ)
∂δ

Consequently, the probability of liberal-foreign-to-home transactions exceeds that of conservative-
foreign-to-home transactions:

∂P B
F L→H(δ)

∂δ
>

∂P B
F C→H(δ)

∂δ

Proof in Appendix 6.1.

Corollary 1 (Relative green retention by FL). Under the additional condition that
2βλB|GF L|

∣∣∣∂γ
∂δ

∣∣∣ > RB − RG, liberal foreign owners are relatively less likely to divest
green than brown US assets:

∂UG
F L(δ)
∂δ

>
∂UB

F L(δ)
∂δ

Both derivatives are negative. Liberal foreign owners divest both asset types after the
shock, but the utility fall is less steep for green than brown assets.

Proof in Appendix 6.1.

Table 1 summarizes the signs of ∂Uτ
o

∂δ
across all owner and asset types.

∂Uτ
o

∂δ

Owner o Brown Green

Home (H) + −

Foreign-conservative (FC) ⪌ 0 ⪌ 0

Foreign-liberal (FL) −− −

Table 1: Signs of utility derivatives after shock δ. The FC row is ambiguous in both
columns because neither DF C nor γ̄F C relative to γ(δ) is restricted by the model’s
assumptions. The FL green entry reflects corollary 1: while FL divests both asset
types, the utility fall is less steep for green.
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Republican and Democratic home owners: The baseline model treats all home
owners symmetrically, with dH = 0 and γ̄H(δ) = γ(δ) exactly. We can also study the
case where home owners differ by the political orientation of their headquarters state
s ∈ {D, R}. Republican-state owners are fully aligned with the Trump administration
and match the baseline. Democratic-state owners face two reinforcing departures: a
positive political distance cost and a climate misalignment cost.

Assumption 7 (US-owner heterogeneity). Republican-state home owners are politically
aligned with the shock and track federal climate policy exactly:

DR
H ≈ 0 and γ̄R

H(δ) = γ(δ)

Democratic-state home owners face a positive political distance cost, as their local po-
litical environment is opposed to the Trump administration:12

0 ≈ DR
H < DD

H ≤ DF C

Additionally, Democratic-state home owners start strictly greener than federal policy
and only partially internalize the shock:

γ̄D
H (0) > γ(0) and ∂γ

∂δ
<

∂γ̄D
H

∂δ
≤ 0

so that γ̄D
H (δ) > γ(δ) post-shock, giving GD

H < 0 and MD
H < 0.

Republican-state home owners. Since DR
H ≈ 0 and GR

H = 0, the utility derivative
is identical to the baseline:

∂UB,R
H

∂δ
= RB > 0

Democratic-state home owners. Both channels reduce utility relative to the base-
line:

∂UB,D
H

∂δ
= RB − αDD

H︸ ︷︷ ︸
> 0, political distance

− 2βλB GD
HMD

H︸ ︷︷ ︸
> 0, climate misalignment

< RB

12 The ordering DD
H ≤ DF C reflects that Democratic-state home owners are US-based and therefore

institutionally more protected than foreign owners under any US administration. They face a po-
litical headwind but not the full expropriation and regulatory uncertainty risk that foreign owners
face.
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The political distance channel reflects the ideological conflict between Democratic-state
owners and the Trump administration. The climate misalignment channel reflects that
Democratic-state owners are greener than post-shock US federal policy and diverge fur-
ther as the shock deepens. Both channels are independently sufficient for the prediction;
when present together they reinforce each other.13

Democratic and Republican comparison.

∂UB,R
H

∂δ
= RB >

∂UB,D
H

∂δ

with the gap:
∂UB,R

H

∂δ
− ∂UB,D

H

∂δ
= αDD

H + 2βλBGD
HMD

H > 0

Prediction 4 (Owner-state sorting). Republican-state home owners are more likely to
buy brown US assets from foreign owners than Democratic-state home owners:

∂P B
F L→HR(δ)

∂δ
>

∂P B
F L→HD(δ)

∂δ

If both channels are sufficiently large, the shock may additionally generate selling pres-
sure among Democratic-state home owners on brown assets.

Proof in Appendix 6.1.

3 Data & methodology

We first explain how we construct the final power plant panel dataset, including owners’
locations. We then detail the causal empirical methodology to investigate the impact
of right-wing populist election shocks on power plant ownership.

3.1 Data

For this study, we rely on different large matched datasets.

13 The prediction holds under either channel alone. If only the political distance channel is active
(GD

HMD
H = 0, DD

H > 0): ∂UB,D
H

∂δ = RB − αDD
H < RB . If only the climate misalignment channel is

active (DD
H = 0, GD

HMD
H > 0): ∂UB,D

H

∂δ = RB − 2βλBGD
HMD

H < RB . The political distance channel
maps more directly onto the empirical classification of home owners by governor party affiliation;
the climate misalignment channel provides a reinforcing structural mechanism.
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World Electric Power Plants: The WEPP dataset contains international data about
power plants, with comprehensive coverage of all global power plants starting at 0.001
MW, including all power technologies. The data are at the annual frequency from 2011
until the end of 2021 and show the main characteristics of the power plants (location,
capacity, and generating technology) as well as the largest owners and operators.

Our first objective is to identify asset sales. We define an asset sale as the change of
the ultimate owner. We track changes in ownership by comparing the exact parent
names for a given plant over time. A naïve approach would categorize all parent name
changes as a “sale”; however, upon reviewing the data, it is obvious that asset owners
rename frequently and that similar companies are written slightly differently. Thus,
this approach would generate ample false positives. We overcome this challenge by first
leveraging an LLM to align similar owner names. We next align owner names through
string-matching. In case we can match two or more owner names, we align the names
to rule out false positives. We verify all potential company name alignments through an
LLM online web search. Next, we impute missing owner information when owner names
are similar before and after a data gap. All remaining owner changes per power plant
are now categorized as asset sales. From the original 84,111 identified asset sales, only
62,884 final asset sales remain after data cleaning. A descriptive overview is provided
in table 2.

Table 2: Asset sales in the full sample

Identified asset sales
Naive approach 84,111
After LLM alignment 66,976
After 1x1 matching 62,884

Note: This table shows the identified ownership changes
according to three different methodologies between 2011
and 2021. We define ownership changes as name changes
in the ultimate owner. The number of sales relates to the
full sample.

Critically, we only include active assets in the analysis. We define active assets as
those that are under construction or operative. Compared to the confusion around
measuring climate transition risk for financial securities, where popular metrics such as
CO2 intensity and E-scores are criticized for being biased, incomplete, and incomparable
(Berg et al., 2022; Busch et al., 2022; Fliegel, 2026), the transition risk of power plants
can be easily determined, as coal, oil, and gas power plants use GHG intensive fossil
fuels, while renewable energies such as wind or solar produce energy with zero GHG
emissions. We therefore classify all fossil fuel power plants as brown and all renewable
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energy powered plants as green (including hydro, but excluding nuclear)14. We also
establish the sub-categories: renewable, gas, and coal.

We classify the country and state location of the power plants’ owners by matching the
owner names to company databases, and leveraging AI. First, we source the headquar-
ters state and country from LSEG (formerly Refinitiv EIKON) and Orbis. If we match
to subsidiaries, we obtain the ultimate owner in both LSEG and Orbis. Second, for all
remaining asset owners, we leverage an LLM (ChatGPTs Codex) to classify asset own-
ers based on the language of their name, locations displayed in the company name, or
legal identifiers15 into specific countries. The LLM can also rely on the vast training set
of information, which might include knowledge about parents in the WEPP dataset16.
For the few remaining power plant-year observations with missing owner country in-
formation, we assume that owner country equals asset country. Given that these asset
owners are typically small, hold very little assets in terms of MW, and are thus not
likely to be international owners that would invest in overseas power plants, we argue
that this assumption is justified. We exclude assets owned by parents that experience
large right-wing populist election shocks as well as parents without political orientation
information at the country level. Table 3 summarizes the owner classification by data
source.

Table 3: Sources for owner country classification

Source Frequency Percent
LSEG (EIKON) 619,942 46.96
Orbis 287,674 21.79
ChatGPT 320,986 24.31
Assumption 91,595 6.94
Total 1,320,197 100.00

The Manifesto election database: We match the asset owner countries with the
Manifesto database (Lehmann et al., 2025), in order to categorize owner countries as
either liberal or conservative. In line with Kempf et al., 2023, we use the party/president
with the highest vote share as a proxy for the countries’ political orientation. Since the
largest party may change with elections, we proxy the political orientation at the time of

14 Due to the controversial debate around the sustainability of nuclear power, we exclude nuclear plants
from the brown and green categories.

15 For example, GmbH for German companies.
16 The prompt is provided in the Appendix.
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the Trump election shock by the last election before the US election shock. The variable
of interest from the Manifesto database is the rile score for each party or candidate. We
classify owners from countries with a negative rile score as liberal and with a positive
score as conservative17. For the stacked event study, we use the average rile score
from 2011 to 2021 as a proxy for the political orientation of a country. A potential
concern is that owners’ political orientation does not necessarily correlate with the
home countries’ political orientation. We have three responses to this concern. First,
this ideological owner categorization is certainly a simplifying assumption; however,
the average ideology may be reasonably approximated by a country’s largest political
party. In other words, owners from right-wing countries may be, on average, more right
wing than owners from very liberal countries. Second, even if we miss the true ideology
of the owners, it is unlikely that right-wing populists will know it either, particularly
given that most owners in our dataset are private companies. Hence, populist leaders
such as Donald Trump will simply judge Chinese owners as hostile, notwithstanding
their actual political orientation. Finally, the stacked event study across many populist
elections should relax concerns that our results are driven by certain country relations
specific to the US, since we show that foreign-liberal owners divest power plants in other
countries too.

Ideological classification of US asset owners: We gauge US owner ideology by
the headquarters state. We classify US asset owners headquartered in states governed
by Democrats as liberal and asset owners from Republican states as conservative at the
time of the Trump election. We choose against the state of incorporation, as companies
tend to choose these states for legal or tax reasons, but not due to ideological alignment.

Populist election database: We leverage the comprehensive list of populist election
victories by Funke et al., 2023. Beyond the election of Donald Trump in the US, there
are seven additional right-wing populist election shocks between 2011 and 2021, that
is, in Brazil, Bulgaria, India, Italy, the Philippines, the United Kingdom, and Poland.

Power plant matching: As a robustness test, we address concerns related to different
compositions of the power plant fleet in the US and the control countries, which might
explain our findings. We therefore employ coarsened exact matching with a k-to-k re-
striction to enforce one-to-one matching within coarsened strata (Blackwell et al., 2009)
in the year before the treatment, 2016, to ensure comparable samples across treatment

17 The election of Donald Trump, for example, shifted the US rile score from -6, indicating a moderately
liberal political orientation, to 33, highlighting the extreme right-leaning political ideology of the
Trump administration.
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and control groups. We match based on three distinct power plant characteristics:
MW, plant age, and fuel-type. This approach eliminates the need for weighting in sub-
sequent analyses by pruning excess control observations, thereby creating a balanced
sample that shares common empirical support across key covariates. Thereby, we can
continue to MW-weight the observations even in the matched sample. Table 13 reports
the differences before and after matching in all covariates. Results show significant
differences before and negligible differences after matching.

3.2 Empirical methodology

In order to identify the effect of political shocks on power plant ownership, we first
exploit the election of Donald Trump in 2016. The election result was both unexpected
and salient (Wagner et al., 2018; Ramelli et al., 2021). In our baseline DiD setting, we
compare the asset ownership of power plants before and after treatment across treated
power plants in the US as well as untreated plants in the rest of the world. The baseline
DiD specification is the following linear probability model:

Y s→b
i,t,p,j = β0 + β1 (USAi × Postt) + µi + µj + µt + εi,t,p,j, p ∈ {brown, green}. (10)

where Y s→b
i,t,p,j is a dummy that is 1 whenever a brown or green power plant i, from lagged

owner j during year t, is transferred from a seller to a new buyer. USA is a dummy
that equals one for US power plants and zero otherwise. Post is a dummy that equals
one for the years after the treatment date, the US election in 2016. We run a very tight
causal empirical specification by including power plant (µi), lagged owner (µj), and
time (µt) fixed effects. Power plant fixed effects control for time-invariant differences
across power plants such as technology, plant age, location, or MW. Lagged owner fixed
effects account for unobserved differences between different owners18. Year fixed effects
capture common year shocks and trends. We cluster standard errors at the level of
treatment assignment (Abadie et al., 2023), the country level. We weight power plant
observations by MW to reflect different power plant sizes ranging from 0.01 MW to 9.5
GW.

We also estimate a triple DiD analysis (Olden and Møen, 2022) that continues to

18 We must use lagged owner fixed effects because we are interested in transfers between different
owners. Owner fixed effects would capture this variation between owners.
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compare the transfer probability of power plants between the pre- and post-treatment
periods and between treated and control countries. What differs is that we leverage
yet another difference in the power technology of the power plants, that is the differ-
ence between brown and green power plants. We implement the following triple DiD
specification:

Y s→b
i,t,j = β0 + β1 (USAi × Postt) + β2 (Postt × Browni) +

β3 (USAi × Postt × Browni) + µi + µj + µt + εi,t,j

(11)

where β3 measures how the treatment effect varies with the fuel technology of the power
plant, i.e. a heterogeneous treatment effect.

Critically, we rely on different sub-samples for different estimations, that is, we only
include the set of power plants that are actually at risk of being traded by the owner
group of interest. For asset transfers between specific owner groups, we restrict the sam-
ple to the power plants held by the specific owner group since only these power plants
can be sold by that very owner19. This design isolates changes in transfer probabilities
within a well-defined ownership margin, rather than conflating them with changes in
the composition of assets held by fundamentally different seller types.

Our econometric approach relies on the identifying assumption that the ownership
trajectory of treated power plants would have continued to follow untreated plants
in the absence of the US presidential election. The two most likely violations of the
parallel trends assumption are, on the one hand: treated and control groups could be
on different trajectories already before the event. On the other hand, different shocks
in the power sector may differentially affect treatment and control groups beyond the
studied election. Concerning pre-trends, we can test violations in the years before the
treatment through dynamic event study graphs. We show such figures in our results
section. For our key results, parallel trends before the event hold.

Concerns related to other shocks depend on the national context as well as on their
timing. The most straightforward violations are election shocks in control countries
that change the political orientation strongly. Moreover, populist election shocks may
have become more likely as a result of the Trump election. To address both concerns
we leverage the populist election database (Funke et al., 2023) to identify comparable
right-wing populist election shocks in control countries after the election of Donald

19 For example, when we analyze the likelihood that brown power plants from foreign owners are sold
to home owners, we only include brown power plants from foreign owners into the analysis.
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Trump in late 2016. Based on this criterion, we exclude power plants held by owners
from Brazil, Italy and the United Kingdom after the respective election dates20.

4 Results

We start by presenting descriptive results for the ownership of US power plants. Then,
we present results for the DiD estimations.

4.1 Power plant ownership dynamics in the US

We graphically highlight US power plant ownership over time by means of a flow dia-
gram that shows US power plant ownership for four different owner groups over time.
Therefore, we group asset owners into US-liberal, US-conservative, foreign liberal, and
foreign conservative. There are three kinds of asset flows between these owner groups.
First, assets can flow between owners: an asset transfer. Second, newly constructed
assets flow from a new construction category toward the respective new owner. Third,
decommissioned power plants flow away from an asset owner toward the decommis-
sioned category.

Figure 1 shows the ownership flows above 1 GW of power plants in the US. Most notably,
the largest asset owner group in the US is US conservative owners with more than 500
GW in asset ownership. They reduce GW after 2013, but increase GW again after 2017.
US liberal owners are the second largest asset holder in the US. Foreign-liberal owners
show an inverse behavior compared to US conservative owners: while they increase GW
until 2016, they strongly reduce ownership afterwards. Foreign-conservative owners only
hold between 10 to 14 GW in the US. Overall, US asset ownership remains relatively
stable over time.

4.2 The effect of the Trump election on power plant ownership

We start the investigation into the effect of the Trump shock on power plant ownership
by analyzing ownership transfers between home and foreign asset owners. As reported
in column 1 of table 4, the probability that a foreign-owned US power plant is sold to a
home owner increases by more than 9 percentage points. Relative to the pre-election US
baseline probability for this type of transaction of 1.4 percentage points, the economic
magnitude of this effect is very large. Column 2 shows that the reverse probability for

20 In the robustness section, we show that results hold with and without this exclusion.
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Figure 1: Flow diagram for US power plants ownership from 2011 until 2021. The
numbers in the figure indicate GW held by the respective owner. Asset flows below 1
GW are excluded for readability.

a home to foreign transfer shrinks by more than 2 percentage points. These results
are consistent with the mechanism underlying prediction 1, though they pool liberal
and conservative foreign owners as well as brown and green power plants, and thus
provide only preliminary evidence that we test more formally below. We also run a
triple-difference specification for asset purchases and take a third difference between
home and foreign owners. Results are depicted in column 3 and show that the triple
difference coefficient is large and significantly positive, indicating a higher propensity
for home owners to buy US power plants after the election, relative to control countries.
Foreign owners are less likely to buy. Column 4 shows the purchase probability for US
owners21. The coefficient of 3.8 percentage points is highly significant.

The effect of the Trump election on power plant ownership: seller mecha-
nism The seller-side evidence indicates that the re-nationalization of US power plants
is driven by foreign sellers from liberal countries. This provides first evidence for pre-

21 The logic in this specification differs from the preferred specification in column 1 in two dimensions.
First, we only focus on purchases, not transfers. Second, we specify US owners and not home owners.
This estimate thus compares US asset purchases with global asset purchases by US owners and not
by home owners of the respective country.
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Table 4: Effect of the 2016 US presidential election on overall power plant
ownership transfers

(1) (2) (3) (4)
Frgn.→home Home→frgn. Purchases Purchases by US owners

US*Post 0.093∗∗∗ -0.022∗∗ -0.024∗∗ 0.038∗∗∗

(0.003) (0.011) (0.012) (0.006)
US*Post*Home 0.049∗∗∗

(0.013)

Power plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 362186 793776 1158760 1158760

Note: This table shows DiD estimation results for the election of Donald Trump as
President at the end of 2016 according to equation 10. The dependent variable is a
power plant’s probability of being sold by a specific owner to a new specific owner.
The unit of observation is power plant-years MW-weighted by capacity. The sample
period is the full years 2011 to 2021. Standard errors in parentheses are clustered at
the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.

diction 1 and prediction 3. As depicted in columns 1 and 2 of table 5, the likelihood
for foreign-liberal to home transactions increases by 9.8 percentage points, compared
to 1.1 percentage points for foreign-conservative sellers, in line with prediction 3, which
predicts strictly larger sell pressure for liberal foreign owners. The small aggregate ef-
fect for conservative foreign owners is consistent with our theoretical framework, which
leaves the direction of the shock ambiguous for this group: depending on their home
country’s political orientation, conservative foreign owners face heterogeneous and po-
tentially offsetting changes in political distance to the Trump administration, generating
an ambiguous aggregate effect. The small but positive effect indicates that the Trump
administration is so conservative that the majority of foreign conservative owners expe-
rience a distance increase in both climate policy and ideological alignment. In column
3, we interact the US and post dummy with a lagged liberal dummy that is 1 for
liberal sellers. Results for the triple interaction coefficient show that liberal but not
conservative foreign owners sell power plants to home owners.

The effect of the Trump election on power plant ownership: buyer mech-
anism In table 6, we zoom into US buyers. The results provide first evidence for
prediction 4, on the pooled sample for brown and green power plants, which we test
separately for brown and green assets in the next section. As shown in columns 1 and 2,
the post-election increase in domestic acquisitions is concentrated among conservative
US buyers. Foreign to US conservative transactions rise by 7 percentage points, while
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Table 5: Effect of the 2016 US presidential election on overall
power plant ownership transfers: seller focus

(1) (2) (3)
Frgn. lib.→home Frgn. con.→home Frgn.→home

US*Post 0.098∗∗∗ 0.011∗∗∗ 0.006
(0.005) (0.004) (0.004)

US*Post*Liberal 0.092∗∗∗

(0.006)

Power plant FE Yes Yes Yes
Owner FE Yes Yes Yes
Year FE Yes Yes Yes

Observations 213961 96939 311609

Note: This table shows DiD estimation results for the election of Donald
Trump as President at the end of 2016 according to equation 10. The de-
pendent variable is a power plant’s probability of being sold by a specific
owner to a new specific owner. The unit of observation is power plant-
years MW-weighted by capacity. The sample period is the full years 2011
to 2021. Standard errors in parentheses are clustered at the country level.
∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.

foreign to US liberal transactions increase by only 2.3 percentage points, consistent with
prediction 4. In the triple differences foreign to home specification, the baseline effect
for US liberal owners is only 1.6 percentage points. The interaction effect with the
conservative indicator increases the treatment effect by another 1.9 percentage points.
In columns 4 and 5, we overcome the home foreign dichotomy and differentiate overall
conservative from liberal owners. We find consistent evidence: the likelihood for trans-
fers from liberal to conservative owners increases significantly, whereas transfers from
conservative to liberal owners decline. This indicates that the ownership response is not
a general increase in domestic purchasing, but a politically tilted reallocation toward
conservative owners.

The climate alignment We now investigate prediction 2 and corollary 1, asking
whether the Trump effect on ownership is further moderated by the climate alignment of
different owner groups with the Trump administration. Therefore, we estimate the triple
differences specification provided in equation 11 that takes a third difference between
brown and green power plants. Results in table 7 show that the energy technology
of the power plant strongly moderates the treatment effect. In columns 1 and 2, we
revisit foreign and home transfers. We find that the baseline effect for green power
plants is roughly 4 percentage points. However, the triple interaction coefficient of 7.2
percentage points is significantly positive for foreign to home transfers, indicating that
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Table 6: Effect of the 2016 US presidential election on overall power plant ownership
transfers: buyer focus

(1) (2) (3) (4) (5)
Frgn.→US lib. Frgn.→US con. Frgn.→home Overall lib.→con. Overall con.→lib.

US*Post 0.023∗∗∗ 0.070∗∗∗ 0.016∗∗∗ 0.020∗∗∗ -0.031∗∗∗

(0.000) (0.000) (0.005) (0.001) (0.009)
US*Post*Conservative 0.019∗∗∗

(0.007)

Power plant FE Yes Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes

Observations 359939 359939 311182 684122 392024

Note: This table shows DiD estimation results for the election of Donald Trump as President at the end of 2016
according to equation 10. The dependent variable is a power plant’s probability of being sold by a specific owner to
a new specific owner. The unit of observation is power plant-years MW-weighted by capacity. The sample period is
the full years 2011 to 2021. Standard errors in parentheses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05,
∗∗∗ p < 0.01.

home owners are more likely to acquire brown power plants than green power plants,
in line with prediction 2. In columns 3 and 4, we show that this dynamic only holds
for foreign liberal but not foreign conservative sellers, as foreign conservative sellers
are only more likely to sell green but not brown power plants. This is consistent with
corollary 1, which predicts that foreign-liberal owners divest brown relatively more than
green assets. The asymmetric pattern for foreign-conservative sellers does not contradict
our theoretical framework. When γ̄F C < γ(δ), the shock moves US climate policy
toward conservative foreign owners’ preferences, reducing their climate misalignment
cost on brown assets and dampening selling pressure there. For green assets, the climate
misalignment channel is inactive by assumption 5, so any positive political distance cost
DF C > 0 translates directly into selling pressure. The net result is that conservative
foreign owners divest green but not brown power plants after the shock. In columns
5 and 6, we zoom into US asset owners and find that the triple interaction coefficient
is highly significant for both US liberal and conservative owners. However, the effect
size of about 8 percentage points for US conservative owners is more than 10 times
higher than US liberal owners, indicating that conservative owners are selective in their
asset purchases and acquire mostly brown power plants, in line with prediction 4. US
liberal owners buy relatively more green power plants from foreign owners than US
conservative owners.

We assess the validity of the identifying parallel trends assumption by presenting event
study evidence for brown and green foreign liberal to home asset transfer in figure 2.
Results of the dynamic treatment effect over time show no visible pre-trend, particularly
for brown power plant transfers. The treatment effect for brown power plants in the
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Table 7: Triple-difference results for brown and green power plant transactions

(1) (2) (3) (4) (5) (6)
Frgn.→home Home.→frgn. Frgn. lib. →home Frgn. con. →home Frgn.→US lib. Frgn.→US con.

US*Post 0.039∗∗∗ -0.003 0.042∗∗∗ 0.013∗∗ 0.017∗∗∗ 0.011∗∗∗

(0.004) (0.005) (0.006) (0.005) (0.000) (0.000)
US*Post*Brown 0.072∗∗∗ -0.035∗ 0.073∗∗∗ -0.018∗∗∗ 0.007∗∗∗ 0.079∗∗∗

(0.005) (0.021) (0.007) (0.006) (0.000) (0.000)

Power plant FE Yes Yes Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes Yes

Observations 342794 748044 202465 90859 340606 340606

Note: This table shows triple DiD estimation results for the election of Donald Trump as President at the end of 2016 according to
equation 11. The dependent variable is a power plant’s probability of being sold by a specific owner to a new specific owner. The
unit of observation is power plant-years MW-weighted by capacity. The sample period is the full years 2011 to 2021. Standard
errors in parentheses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.

years after the US election is highly significant and economically large for all post
treatment years. The yearly transfer coefficient reaches 15 percentage points two years
after the election. For green power plants, the overall effect is lower and the reaction is
delayed by one year. For both brown and green power plants, the coefficient estimates
remain elevated in the years 2018 to 2021 indicating a structural shift in ownership
transfers of US power plants.

Robustness Our results are robust to sampling choices, to empirical specifications,
and to a permutation test. First, to assess whether the treatment effect could arise by
chance under random treatment assignment, we implement a randomization-inference
(permutation) test based on 169 permutations. Results are provided in table 12 and
figure 4 and show that, at the 5% significance level, the observed DiD estimate is not
random. Second, we leverage the vast number of observations in the control countries
and 1:1 match treated and control samples by means of coarsened exact matching
(Blackwell et al., 2009). As reported in table 13, we successfully match power plants
based on MW, plant age, and fuel type. We can thereby address concerns related to
different compositions of the power plant fleet in the US and the control countries,
which might explain our findings. Results for transfer probabilities are reported in
table 14 and indicate roughly comparable and significant results. Third, we re-run
the analysis in a sample of OECD power plants. Results for the reduced sample are
reported in table 15. Fourth, to address concerns related to the validity of the LLM
categorization, we also test the robustness of the main results in a reduced sample that
does not rely on any LLM categorization or country assumption. Results in table 16
show comparable results to our baseline finding. Fifth, we re-run the DiD model in a
full sample that does not exclude any owners. Results in table 17 show strong positive
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Figure 2: Event study figure for the DiD estimation of the election of Donald Trump
at the end of 2016 for power plant transfers. The dependent variable is a brown or green
power plants probability of being sold by a foreign liberal owner to a home owner. The
unit of observation is power plant-years MW-weighted by capacity. The sample period
is the full years 2012 to 2021. Note that we cannot estimate a coefficient for 2011, as an
asset transfer happens between two years. Standard errors are clustered at the country
level.

treatment effects. Next, we change the empirical specification and re-run equation 10
without MW-weighting the observations. Results in table 18 show a reduced treatment
effect; however, the coefficient estimates are still highly significant and positive. We
also use the granular dataset to zoom into the specific power technologies coal, gas,
and renewable. Results in table 10, table 9, and table 11 consistently show that foreign
liberal owners are more likely to sell power plants to home owners than conservative
owners. We also observe that this effect is stronger for coal and gas than for renewable
energies. Finally, as shown in the next section, our results are robust to multiple right-
wing populist election shocks.
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4.3 The effect of right-wing populist elections on power plant
ownership

We extend the study toward multiple right-wing populist elections by leveraging the
comprehensive list of populist election victories by Funke et al., 2023. We estimate
the effect of right-wing populist elections on power plant ownership using a stacked
difference-in-differences design (Cengiz et al., 2019; Baker et al., 2022) to avoid nega-
tive weighting when using standard two-way fixed effects estimators (Goodman-Bacon,
2021). For each treatment cohort c, defined by the year Ec, we construct a cohort-
specific dataset containing all plants in treated countries and a set of “clean” control
countries that remain untreated throughout the event window [Ec − K, Ec + K]. These
cohort-specific datasets are then appended into a single stacked panel. The specification
includes plant-by-stack fixed effects, lagged-owner-by-stack fixed effects, and year-by-
stack fixed effects. We cluster standard errors at the country level to reflect the national
treatment assignment and to account for dependence across plants and across stacks
within countries. We perform both a stacked triple interaction for brown and green
power plants and a dynamic stacked DiD analysis for brown and green power plants.

Results in table 8 report the triple interaction results for different ownership transfers.
Column 1 shows that the transfer probability for a foreign to home transfer is not
significant. In line with prediction 1, we find that the triple interaction coefficient for
brown power plants is positive and significant for foreign liberal to home transfers.
The coefficient size of 4.4 percentage points is in line with the magnitudes of the US
analyses. The baseline coefficient for green power plant transfers is smaller and only
marginally significant, consistent with corollary 1. The coefficient estimates for foreign
conservative owners selling to home owners are not significant for both the double
and triple interaction coefficients, consistent with the theoretically ambiguous effect of
the shock on this group. When we go beyond the home-foreign dimensions and only
focus on liberal and conservative owners, we find marginally significant evidence that
conservative owners are buying brown but not green power plants from liberal owners.

Figure 3 shows the dynamic stacked DiD estimation with 3-year windows for the largest
effect from table 8: the probability that foreign liberal owners sell power plants to home
owners after right-wing populist leaders are newly elected. The dynamic yearly coeffi-
cient estimates for brown power plant transfers amount to almost 10 percentage points
two years following a newly elected right-wing populist leader. The yearly coefficient
estimates reach significance two years after the election events. We also report the coef-
ficient estimates for green power plant transfers and find overall rising, but insignificant
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Table 8: Stacked triple-difference results for brown and green power plant transactions

(1) (2) (3) (4) (5)
Frgn.→home Frgn. lib.→home Frgn. con.→home Overall lib.→con. Overall con.→lib.

Populist*Post 0.014 0.032∗ 0.002 0.007 -0.013∗∗

(0.011) (0.018) (0.013) (0.021) (0.005)
Populist*Post*Brown 0.035 0.044∗∗ -0.003 0.050∗ -0.003

(0.027) (0.018) (0.008) (0.026) (0.009)

Power plant FE Yes Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes

Observations 1175085 612218 625184 1827029 1646982

Note: This table shows stacked triple-difference estimation results for the election of right-wing populist leaders between
2011 and 2021. The dependent variable is a power plant’s probability of being sold by a specific owner to a new specific
owner. The unit of observation is power plant-years MW-weighted by capacity. The sample period is the full years 2011
to 2021. We use 3-year stacked estimation windows for treated countries. Standard errors in parentheses are clustered at
the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.

results. For both green and brown yearly coefficients, we see insignificant pre-event
estimates, in line with the parallel trends assumption.

Overall, the stacked DiD results mirror the US results. We therefore conclude that
right-wing populist elections seem to scare off foreign owners, particularly foreign-liberal
owners, who are politically less aligned with the new right-wing populist agenda. Home
owners of populist countries invest in brown capacity and buy power plants from foreign
asset owners, in line with their climate preferences.

5 Conclusion

Summing up, we study the impact of political shocks on asset ownership. We leverage
a unique dataset with more than 1 million power plant year observations to analyze
the impact of the Trump election shock on US power plant ownership as well as overall
effects of right-wing populist election victories. We find evidence for a re-nationalization
of assets; this effect is mostly driven by foreign liberal sellers and US conservative buyers.
The treatment effect is moderated by the transition risk of the power plants, with larger
treatment effects for brown power plants than for green power plants, in line with the
ideology of conservative owners.

Our results indicate that ownership transfers are shaped by the interaction between the
political distance of the respective owner and climate preferences relative to the asset
country. Our results extend previous research that shows that owners align investment
with their political ideology. We show similar patterns for asset ownership and highlight
that owners also align their purchases with their climate preferences.
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Figure 3: Event study figure for the stacked DiD estimation for the effect of right-wing
populist election victories on power plant transfers. The dependent variable is a brown
or green power plants probability of being sold by a foreign-liberal owner to a home
asset owner. The unit of observation is power plant-years MW-weighted by capacity.
The sample period is the full years 2011 to 2021. We use 3-year stacked estimation
windows for treated countries. Standard errors are clustered at the country level.

Our findings have direct implications for the low-carbon transition. The re-nationalization
of brown assets toward conservative US domestic owners may entrench fossil fuel owner-
ship structures and increase resistance to future climate policies, as domestic conserva-
tive owners are less exposed to international climate norms and reputational pressures
than their (foreign) liberal counterparts, which is likely to weaken their commitment to
ambitious decarbonization.

Future research could extend our study toward left-wing political shocks in other ju-
risdictions to better understand how right- and left-wing political shocks differ in their
effects on ownership changes.
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6 Appendix

6.1 Proofs

Proof of prediction 1

From (2) and the product rule, a sufficient condition for ∂P τ
o→o′
∂δ

> 0 is ∂Uτ
o

∂δ
< 0 and

∂Uτ
o′

∂δ
> 0, since both terms in the product rule are then positive. From (4): ∂UB

H

∂δ
=

RB > 0. From (6) and assumption 6: ∂UB
F L

∂δ
< 0. Both conditions therefore hold for

FL → H, giving ∂P B
F L→H

∂δ
> 0. For H → FL: ∂UB

H

∂δ
> 0 moves H away from the sell

threshold, and ∂UB
F L

∂δ
< 0 moves FL away from the buy threshold. Both conditions

weaken simultaneously, giving ∂P B
H→F L

∂δ
< 0. □

Proof of prediction 2
∂UB

H

∂δ
= RB > 0 from (4): since GH = 0 exactly and DH = 0, only the return effect

remains. ∂UG
H

∂δ
≈ RG < 0 from (7): since DH = 0 and λG ≈ 0, only the return effect

remains. The asymmetry across asset types follows entirely from assumption 1. □

Proof of prediction 3

Using MF C = MF L = ∂γ
∂δ

(both foreign types have ∂γ̄o

∂δ
= 0):

∂UB
F C

∂δ
− ∂UB

F L

∂δ
= α(DF L − DF C) − 2βλB ∂γ

∂δ

[
(γ − γ̄F C) − (γ − γ̄F L)

]
= α(DF L − DF C) − 2βλB ∂γ

∂δ
(γ̄F L − γ̄F C)

Both terms are strictly positive: α(DF L−DF C) > 0 by assumption 2, and −2βλB ∂γ
∂δ

(γ̄F L−
γ̄F C) > 0 since ∂γ

∂δ
< 0 and γ̄F L > γ̄F C by assumption 4. Note that the sign of γ(δ)−γ̄F C

cancels in the difference: the result requires only the relative ordering γ̄F L > γ̄F C , not
the position of γ̄F C relative to γ(δ). □

Proof of corollary 1
∂UG

F L

∂δ
− ∂UB

F L

∂δ
= (RG − RB) + 2βλB|GF L|

∣∣∣∣∣∂γ

∂δ

∣∣∣∣∣
This is positive under the stated condition 2βλB|GF L|

∣∣∣∂γ
∂δ

∣∣∣ > RB − RG. The distance
term αDF L cancels in the difference across technologies, so the result depends solely on
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whether the misalignment cost differential across asset types, driven by λB ≫ λG ≈ 0,
exceeds the return differential RB − RG > 0. □

Proof of prediction 4

By assumption 7, DR
H ≈ 0 and GR

H = 0, so ∂UB,R
H

∂δ
= RB > 0. For Democratic-state

owners, DD
H > 0 and GD

HMD
H > 0 (since GD

H < 0 and MD
H < 0). Therefore:

∂UB,R
H

∂δ
− ∂UB,D

H

∂δ
= αDD

H + 2βλBGD
HMD

H > 0

Republican-state owners are pushed more strongly above their buy threshold Ū+,B
H than

Democratic-state owners. Since ∂UB
F L

∂δ
< 0 by by assumption 6 (applying equally to both

buyer types), both transaction probabilities increase after the shock, but strictly more
so for Republican-state buyers:

∂P B
F L→HR

∂δ
>

∂P B
F L→HD

∂δ

□
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6.2 The effect of the Trump election on gas power plant own-
ership

Table 9: Effect of the 2016 US presidential election on gas power plant ownership
transfers

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.108∗∗∗ -0.050 0.121∗∗∗ -0.010
(0.003) (0.030) (0.004) (0.007)

Power plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 78738 197531 45860 23346

Note: This table shows DiD estimation results for the election of Donald Trump as President
at the end of 2016 according to equation 10. The dependent variable is a gas power plants
probability of being sold by a specific owner to a new specific owner. The unit of observation is
power plant-years MW-weighted by capacity. The sample period is the full years 2011 to 2021.
Standard errors in parentheses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗

p < 0.01.
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6.3 The effect of the Trump election on coal power plant own-
ership

Table 10: Effect of the 2016 US presidential election on coal power plant ownership
transfers

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.097∗∗∗ -0.023∗∗ 0.095∗∗∗ 0.016∗∗

(0.007) (0.009) (0.009) (0.007)

Power Plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 16928 26042 11291 3437

Note: This table shows DiD estimation results for the election of Donald Trump as President
at the end of 2016 according to equation 10. The dependent variable is a coal power plants
probability of being sold by a specific owner to a new specific owner. The unit of observation is
power plant-years MW-weighted by capacity. The sample period is the full years 2011 to 2021.
Standard errors in parentheses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗

p < 0.01.
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6.4 The effect of the Trump election on renewable power plant
ownership

Table 11: Effect of the 2016 US presidential election on renewable power plant
ownership transfers

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.025∗∗∗ -0.018∗∗ 0.032∗∗∗ 0.012
(0.007) (0.007) (0.009) (0.008)

Power Plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 76898 161858 46945 25063

Note: This table shows DiD estimation results for the election of Donald Trump as President at
the end of 2016 according to equation 10. The dependent variable is a renewable power plants
probability of being sold by a specific owner to a new specific owner. The unit of observation is
power plant-years MW-weighted by capacity. The sample period is the full years 2011 to 2021.
Standard errors in parentheses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗

p < 0.01.
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6.5 Robustness

Table 12: Randomization Inference (Permutation) Test

Statistic Value
Observed DiD estimate 0.0976
Two-sided RI p-value 0.0414
Number of permutations used 169

Note: This table reports the two-sided p-value
from a randomization-inference (permutation)
test based on 169 permutations of the treatment
assignment under the sharp null of no treatment
effect. The observed statistic is the difference-
in-differences estimate. The dependent variable
is a power plant’s probability of being sold by a
foreign liberal owner to a home owner.
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Figure 4: This figure displays the results for the two-sided randomization-inference
(permutation) test based on 169 permutations of the treatment assignment under the
sharp null of no treatment effect. The dependent variable is a power plant’s probability
of being sold by a foreign liberal owner to a home owner. The observed statistic is the
difference-in-differences estimate.
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Table 13: Covariate balance before and after matching

Before matching After matching

Control Treated Control Treated

Variable Mean SD Mean SD Mean SD Mean SD

Capacity (MW) 34.68 109.81 53.12 133.21 36.67 110.66 46.67 114.73
Plant age 24.81 22.99 28.35 25.97 27.64 26.00 27.85 26.05
Fuel type 45.65 18.29 40.26 18.39 40.59 18.28 40.62 18.32

Std. diff. (MW) -0.151 -0.089
Std. diff. (Plant age) -0.145 -0.008
Std. diff. (Fuel) 0.294 -0.002

Note: The table reports means and standard deviations for treated and control power plants before
and after matching. Standardized differences are reported to assess covariate balance; values below
0.1 are generally considered indicative of good balance.

Table 14: Effect of the 2016 US presidential election on overall power plant owner-
ship transfers in a 1:1 matched sample

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.085∗∗∗ -0.016∗∗ 0.090∗∗∗ 0.010
(0.004) (0.008) (0.006) (0.006)

Power plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 107203 328119 68182 27638

Note: This table shows DiD estimation results for the election of Donald Trump as President at
the end of 2016 according to equation 10 in a 1:1 matched sample. The dependent variable is a
power plant’s probability of being sold by a specific owner to a new specific owner. The unit of
observation is power plant-years MW-weighted by capacity. The sample period is the full years
2011 to 2021. Standard errors in parentheses are clustered at the country level. ∗ p < 0.10, ∗∗

p < 0.05, ∗∗∗ p < 0.01.
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Table 15: Effect of the 2016 US presidential election on overall power plant owner-
ship transfers in OECD countries

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.079∗∗∗ -0.026∗ 0.084∗∗∗ 0.000
(0.007) (0.013) (0.010) (0.008)

Power Plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 212558 704240 127753 66591

Note: This table shows DiD estimation results for the election of Donald Trump as President
at the end of 2016 according to equation 10 in a sample of OECD power plants. The dependent
variable is a power plant’s probability of being sold by a specific owner to a new specific owner.
The unit of observation is power plant-years MW-weighted by capacity. The sample period is
the full years 2011 to 2021. Standard errors in parentheses are clustered at the country level. ∗

p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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Table 16: Effect of the 2016 US presidential election on overall power plant owner-
ship transfers without LLM categorization and country assumption

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.082∗∗∗ -0.010∗ 0.087∗∗∗ 0.008∗∗∗

(0.004) (0.005) (0.005) (0.003)

Power Plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 266492 523424 179817 83020

Note: This table shows DiD estimation results for the election of Donald Trump as President at
the end of 2016 according to equation 10 in a sample without any LLM classified observations
and without country assumption. The dependent variable is a power plant’s probability of being
sold by a specific owner to a new specific owner. The unit of observation is power plant-years
MW-weighted by capacity. The sample period is the full years 2011 to 2021. Standard errors in
parentheses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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Table 17: Effect of the 2016 US presidential election on overall power plant owner-
ship transfers in an unconstrained sample

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.065∗∗∗ -0.010∗ 0.081∗∗∗ 0.006
(0.010) (0.006) (0.020) (0.005)

Power Plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 475612 1209872 247878 101549

Note: This table shows DiD estimation results for the election of Donald Trump as President at
the end of 2016 according to equation 10 in a full sample that is not constrained by the exclusion
of owners from countries that experienced right-wing populist election shocks after 2016 or by the
exclusion of owners without liberal/conservative country classification. The dependent variable
is a power plant’s probability of being sold by a specific owner to a new specific owner. The
unit of observation is power plant-years MW-weighted by capacity. The sample period is the
full years 2011 to 2021. Standard errors in parentheses are clustered at the country level. ∗

p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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Table 18: Effect of the 2016 US presidential election on unweighted overall power
plant ownership transfers

(1)
Foreign→home

(2)
Home→foreign

(3)
Foreign-lib.→home

(4)
Foreign-con.→home

US*Post 0.037∗∗∗ -0.007∗∗∗ 0.041∗∗∗ 0.013∗∗∗

(0.003) (0.002) (0.004) (0.003)

Power Plant FE Yes Yes Yes Yes
Owner FE Yes Yes Yes Yes
Year FE Yes Yes Yes Yes

Observations 362186 793776 213961 96939

Note: This table shows DiD estimation results for the election of Donald Trump as President at
the end of 2016 according to equation 10. The dependent variable is a power plant’s probability
of being sold by a specific owner to a new specific owner. The unit of observation is unweighted
power plant-years. The sample period is the full years 2011 to 2021. Standard errors in paren-
theses are clustered at the country level. ∗ p < 0.10, ∗∗ p < 0.05, ∗∗∗ p < 0.01.
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6.6 Descriptive statistics

Table 19: Number of observations by asset and owner continent

Continent Asset country Owner country
Europe 660,888 670,924
Asia 157,917 110,453
Australia/Pacific 33,656 41,743
Africa 23,516 6,154
North America 356,957 432,104
South America 87,263 58,819
Total 1,320,197 1,320,197

Note: This table shows the geographic classification of both
power plants and asset owners in the dataset. Continents are
identified using continent indicator variables.
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6.7 Prompt for Codex (GPT-5.4)

You are a corporate classification assistant. Your task is to identify companies and
classify their headquarters and ownership status.

Goal:

For each company in the list, determine:

• country where the company’s principal executive office is located

• if the company is headquartered in the USA: Also determine: state where the
company’s headquarters is located

• If the company is not headquartered in USA, leave this field empty.

• whether the company is:

1. private unlisted: when a company is not listed, and not State Owned

2. publicly listed: Add ticker or ISIN under remarks for publicly listed compa-
nies

3. state owned: Where the company is majority owned by state

4. mixed / unclear

Output:

Produce one row per company with:

• input_name

• hq_country

• hq_country_url: If the URL exists

• hq_country_confidence

• hq_state_region: high, medium, low

• hq_state_url: If the URL exists

• hq_state_confidence: high, medium, low

• ownership_type

• ownership_url: If the URL exists

• ownership_confidence: high, medium, low
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• remarks: remarks such as the ticker/ISIN, state ownership percentage if found,
any discrepancy in information.

Research rules:

• Use only high-quality evidence.

• Prioritize, in this order:

1. official company website

2. annual report / owner relations

3. stock exchange profile

4. government registry / state ownership registry

5. reputable databases or major financial news

6. Information contained in the name of the company → language, location
information in name, legal form of company (plc, inc, gmbh) etc.

• Do not guess based on name alone.

• If the company name is ambiguous, flag it.

• “State owned” requires evidence of majority ownership or effective control by a
government or state entity.

• “Publicly listed” requires evidence that the company’s own equity is publicly
traded.

• If evidence conflicts, mark as mixed / unclear.
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