
The Fear of Missing Out in Finance: A Bibliometric Analysis 

ABSTRACT 

This study focuses on the Fear of Missing Out (FoMO) in a financial context. Data was collected 

from the Scopus database and analyzed using two bibliometric analytical techniques: (1) 

performance analysis to delineate publication trends, impact, and productivity measures, and (2) 

science mapping via keyword co-occurrence and bibliographic coupling analyses to obtain the 

nomological network (major themes) of research in the field. Our analysis reveals that research 

at the intersection of FoMO and finance has experienced a rapid growth in the past five years. 

Our findings also highlight the major themes of research (i.e., individual psychology, 

econometric modelling, herd behavior, technology, and investment behavior) within the 

literature. We conclude by identifying future research opportunities at the intersection of FoMO 

and finance.  
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1. Introduction 

 

Coined in 2004, Fear of Missing Out (FoMO) gained popularity after 2010 to describe a 

common social media phenomenon (Gupta and Sharma, 2021). FoMO was originally 

conceptualized in social psychology (Baumeister and Leary, 1995; Deci and Ryan, 1985) and is 

defined as “a pervasive apprehension that others might be having rewarding experiences from 

which one is absent and is characterized by the desire to stay continually connected with what 

others are doing” (Przybylski et al., 2013, p. 1841). Since its original conceptualization, FoMO 

has been applied in a variety of contexts including purchasing consumer products (Good and 

Hyman, 2020), playing video games (Freire and Santos, 2020), and realizing financial gains 

(Laurent, 2021). 

In a financial context, FoMO highlights investor’s apprehension to missing out on 

possible  monetary rewards (Clor-Proell et al., 2019). FoMO can lead to investors making 

impulsive investment decisions based on the fear of missing financial gains often neglecting 

fundamental analysis (Argan et al., 2023). Recently, the increasing accessibility of online trading 

applications (Deloitte, 2021; Potsaid and Venkataraman, 2022), the rise in popularity of volatile 

assets such as crypto-assets (Epelbaum, 2026), and the influence of financial content creators 

(Martaningrat and Kurniawan, 2024) have collectively intensified the susceptibility of retail 

investors to FoMO. In fact, FoMO has been linked as a primary risk factor in speculative stock 

and crypto trading (Delfabbro et al., 2021). 

 Despite the recent and rapid growth over the last half a decade examining the effects of 

FoMO on investor’s investment decisions, the conceptualization and research structure of the 

discipline remain disintegrated. This manuscript presents a bibliometric analysis of FoMO and 
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investment decisions. In contrast to previous bibliometric studies that have examined FoMO  in a 

broader context, we specifically investigate FoMO in a financial setting. 

We conduct a bibliometric analysis of FoMO and investment decisions using the records 

available in the Scopus database. Ourbibliometric approach enables us to obtain an 

understanding of past trends and the evolution of the literature (Hota et al., 2020). We conduct 

our analysis by performing two bibliometric analytical techniques: (1) performance analysis to 

delineate publication trends, impact, and productivity measures, and (2) science mapping via 

keyword co-occurrence and bibliographic coupling analyses to obtain the nomological network 

(major themes) of research in the field. Through this approach, we contribute to theory by 

charting the nomological network and to practice by providing a summary of key contributors 

(authors, articles, and journals) of research (Mukherjee et al., 2022) on FoMO and investment 

decisions. 

 

2. Methodology 

 

We followed a three-step approach to identify, screen, and analyze the retrieved articles 

consistent with prior bibliometric studies (Epelbaum & Farrell, 2026).   

 

2.1 Identification of Databases and Keywords 

 

 To obtain the corpus of articles associated with FoMO and investment decisions, we 

searched Scopus, a primary database that is frequently used in literature reviews and provides 

access to scholarly records and citations. As compared with Web of Science, Scopus indexes a 

larger number of journals (Joshi, 2016), outperforms Google Scholar in coverage quality 

(Balstad and Berg, 2020), and is widely used in the finance literature for systematic literature 
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reviews and bibliometric studies (e.g., Dedousi et al., 2025; Rasul et al., 2022). As a result, 

Scopus was selected as the scholarly database. 

 The keyword string that we utilized to carry-out the literature search included the primary 

keywords “Fear of Missing Out” and “Finance” as well as synonyms and related terms 

associated with these words. The search was performed within the title (TITLE), abstract (ABS), 

and keyword (KEY) parameters. The search strategy was executed using the following query: 

((TITLE-ABS-KEY ( "fear of missing out" ) OR TITLE-ABS-KEY ("fear-of-missing-

out") OR TITLE-ABS-KEY ("FoMO") OR TITLE-ABS-KEY ("Investment FoMO") OR 

TITLE-ABS-KEY ("I-FoMO") OR TITLE-ABS-KEY ("IFoMO")) AND (TITLE-ABS-

KEY (bank) OR TITLE-ABS-KEY (finance) OR TITLE-ABS-KEY (economic*) OR 

TITLE-ABS-KEY (account*) OR TITLE-ABS-KEY ("Financial market*") OR TITLE-

ABS-KEY (financial*) OR TITLE-ABS-KEY ("Stock Market*") OR TITLE-ABS-KEY 

("Stock Indices") OR TITLE-ABS-KEY ("Stock Index") OR TITLE-ABS-KEY 

("Corporate Finance") OR TITLE-ABS-KEY (bitcoin) OR TITLE-ABS-KEY (crypto*) 

OR TITLE-ABS-KEY (invest*) OR TITLE-ABS-KEY (trad*))) 
 

To avoid comprehension issues, we only included records that were written in English in 

our search results. Furthermore, we restricted our search results to peer-reviewed journal 

publications as advocated by Zhang et al. (2019). We did not impose any  publication-year 

restrictions and thus our sample included every  article published across time until the date of the 

search. The search process yielded a total of 694 records, retrieved on April 9, 2026. 

2.2 Screening and Selection of Studies 

 

 To determine which manuscripts should be included in the analysis, we downloaded an 

Excel file from Scopus containing several information about each record (e.g., title, abstract, and 

authors names). We excluded 1 record that was duplicated and 4 records that could not be 

retrieved. To aid in making inclusion and exclusions decisions, we utilized ASReview, an open-

source tool (ASReview LAB developers, 2025). ASReview utilizes active and machine learning 

models to iteratively reprioritize unreviewed records, presenting those predicted to be most 

relevant first (Quan et al., 2024). ASReview did not replace our judgment as we reviewed each 
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individual article’s title and abstract. After removing records that were not relevant, our final 

dataset consisted of 80 peer-reviewed manuscripts. Fig. 1 represents our steps using a PRISMA 

diagram (Page et al., 2021), mapping the flow of information through the various stages of a 

systematic review process including the number of records identified, the number of records 

included and the number of records excluded. 

- Insert Figure 1 Here –  

 

2.3 Analysis of Records 

 

 We analyzed the records by performing two bibliometric techniques; as a first step, we 

carried out a performance analysis to assess publication trends, the most prolific authors, the 

most cited articles, and the most cited journals in the field (Donthu et al., 2021). Second, we 

performed science mapping using VOSviewer version 1.6.. More specifically, we performed 

keyword co-occurrence and bibliographic coupling analyses to obtain an understanding of the 

evolution of the field and the thematic clusters (Donthu et al., 2021). 

 

3. Findings 

 

3.1 Performance Analysis  

 

We evaluated the performance of the records with the objective of providing a general 

view of the research field (Cobo et al., 2011). In this section, we review quantity and quality 

indicators associated with publication trends, authors, articles, and journals.  

3.1.1 Publication and citation trends 

 

 FoMO in a finance and investment context is a relatively new stream of research with 

less than 10 years of history. As presented in Fig. 2, the first article was published in 2017. Since 

then, there is a clear upward trend in the number of published articles, suggesting increased 
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scholarly interest. 1 Additionally, Fig. 2 shows that citations, a common measure of impact and 

influence (Donthu et al., 2021), peaked in 2018 with 68 citations. As anticipated, citation counts 

decreased after this year, consistent with the fact that older manuscripts inherently possess a 

higher probability of being cited. 

- Insert Figure 2 Here – 

 

3.1.2 Most prolific contributors and most cited articles 

 

Panel A in Table 1 reports the leading authors, ranked by their citation counts. Baur, 

D.G., and Dimpfl, T., are the top-cited authors and have the highest citation-per publications 

ratio. These two authors are followed by Delfabbro, P., and King, D.L., with 119 citations each. 

In terms of individual articles, Baur and Dimpfl (2018) hold the highest number of citations 

followed by Delfabbro et al. (2021), as presented in Panel B in Table 1. The substantial impact of 

these records aligns with the influence of the most highly cited authors. 

- Insert Table 1 Here – 

 

3.1.3 Most cited journals 

 

Table 2 presents the ten most cited journals. Economic Letters tops the list with 275 

citations generated from just two publications, followed by the Journal of Behavioral Addictions 

(114 citations) and International Journal of Emerging Markets (77 citations). Notably, 70% of 

the top 10 journals are classified as Q1 in the SCImago Journal Ranking (SJR) highlighting the 

prestige of the journals. As well, the average Source Normalized Impact per Paper (SNIP) factor 

of these journals is 1.58 with 8 of the 10 journals exceeding 1.0, highlighting that these journals 

perform better than the average journal in the field. 

- Insert Table 2 Here - 

 
1 It is important to note that although 2026 has a productivity of 8 manuscripts, we performed the retrieval of records in April 2026. As such, the 
year 2026 is comprised of articles that were published in the first three months of the year. Based on current trends, we expect that the 

productivity in the year 2026 will exceed the productivity of prior years.   
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3.1.4 Keyword abstracts analysis 

 

Fig. 3 presents a word cloud highlighting the most dominant words in the abstracts of the 

records examined.2 The larger the size of a word, the more frequent that it appears in the corpus 

(Casillano, 2022). Our results highlight that the most dominant keywords include: “Investment”, 

“Investor”, “Decision”, “Financial”, “Crypto”, and “Cryptocurrency”. This indicates that 

research on FoMO and investment decisions has primarily focused on psychological and 

behavioral dimensions of investment decision-making with a particular emphasis on the crypto-

asset market. 

- Insert Figure 3 Here - 
 

 

3.2 Science Mapping of Literature  

 

 Following previous literature (Khan et al., 2022), we complete an analysis of keyword 

co-occurrence and bibliographic coupling to examine the relationships between research 

components. 

3.2.1 Analysis of Keyword Co-occurrence 

 We conduct a keyword co-occurrence network analysis to understand how literature in 

the field of FoMO and investment decisions developed and progressed (van Eck and Waltman, 

2010). 3 For a clearer network visualization, we only include keywords that appear at least twice. 

This yielded a total of 32 keywords with a total link strength of 158, shown in Fig. 4. Because 

keyword frequency was low before 2022, we limited our analysis to the three years leading into 

 
2 We employed Orange3, an open-access data and text mining software tool, to generate a word cloud of the most frequent terms appearing in the 
abstracts of the records. Prior to generating the Word Cloud, we preprocessed the text consistent with the methodology employed by Entezami et 

al. (2025).  
3 We merged similar keywords in our database (e.g., “FoMO” and “Fear of missing out”; “Cryptocurrency” and “Cryptocurrencies”; “Herding” 
and “Herding bias” and “Herding behavior”; “Investment decision making” and “Investment decision”; “Individual investor” and “Retail 

investor”) prior to creating the network visualization.  
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early 2025. We find that the most repeated keywords are ‘fear of missing out,’ ‘cryptocurrency,’ 

‘bitcoin,’ ‘investment decisions,’ and ‘herd behavior’. Consistent with the word cloud analysis 

(Fig. 3), these keywords show that FoMO in an investing setting mainly examines psychological 

and behavioral factors, particular in crypto-asset markets.  

As shown in Fig. 4, research focus evolved over time. Early studies between 2022 and the 

beginning of 2023 focused on the link between FoMO, COVID-19 and bitcoin. Between 2023 

and the early part of 2024, studies expanded their scope and began looking at cryptocurrencies 

more broadly, investor behaviour, and trading. More recent studies (2025 onwards) have focused 

on crypto-assets, and behavioural factors such as problem gambling and impulsivity associated 

with FoMO.  

- Insert Figure 4 Here – 

 

3.2.2 Bibliographic Coupling Analysis 

To identify the dominant themes within the literature, we performed a bibliographic 

coupling analysis on records with at least five citations, resulting in 42 records being segmented 

across five major clusters or themes, as presented in Fig. 5 and Table 3. A summary of each 

cluster is presented below:  

- Insert Figure 5 Here – 

- Insert Figure 3 Here – 
 

Cluster 1 (Red network): Individual psychology. This cluster focuses on FoMO within the 

context of cryptocurrencies or other speculative financial investments (Al Reshaid et al., 2024; 

Anaza et al., 2024; Delfabbro et al., 2021; Friederich et al., 2024; Kim et al., 2020; Martin et al., 

2022; Meyer et al., 2024; Song et al., 2024) and examines how anxiety drives individuals to 

make risky investments. Some scholars highlighted the damage of FoMO to consumers’ 

psychological well-being (Bartosiak et al., 2025; Morsi et al., 2025) while others examined the 
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negative impact of FoMO on green and sustainable consumer choices (Ashrafi and Akhter, 2025; 

Meyer et al., 2024). 

Cluster 2 (Green network): Econometric Modeling.  This cluster examines the utilization of 

financial models (e.g., Generalized Autoregressive Conditional Heteroskedasticity) to 

empirically demonstrate positive asymmetric volatility driven by FoMO in the cryptocurrency 

market (Baur and Dimpfl, 2018; Brini and Lenz, 2022; Karim et al., 2023; Wang et al., 2023; 

Wang et al., 2021; Zhang and Mani, 2021). By contrast, Perras and Wagner (2020) looked at 

FoMO in traditional bond and equity markets. 

Cluster 3 (Blue network): Herd Behavior. This cluster concentrates on how FoMO affects group 

behavior. Kaur et al. (2024) report that herding behavior occurs for both self-employed and 

salaried investors while You et al. (2025) find that herding behavior is long-term in nature, 

peaking during severe market downturns due to FoMO. Maheshwari and Samantaray (2026) 

found that Artificial Intelligence (AI) led digital advisory services positively moderate the effect 

of both herding behavior and FoMO by encouraging informed decision-making and helping 

investors prioritize long-term goals. 

Cluster 4 (Yellow network): Technology. This cluster focuses on how real-time digital 

communication through mobile devices and investment news applications (Clor-Proell et al., 

2019), smartphone connectivity (Shiva et al., 2020), and equity crowdfunding platforms (Sabia et 

al., 2022) have created a distinct investment related FoMO (I-FoMO). 

Cluster 5 (Purple network): Investment Behavior. This cluster examines the lifecycle of a trade 

from intention to execution. Kala et al. (2025) identify FoMO as the bridge that converts young 

investors intent to adopt cryptocurrency into active investment. Argan et al. (2023) trace the 

psychological chain of behavior from envy triggering FoMO, through investment engagement 
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and satisfaction. Finally, Potsaid and Venkataraman (2022) find that high-FoMO investors react 

more negatively to trading restrictions as compared to low-FoMO investors. 

 

4. Discussion and Conclusion 

 

 This study investigated the existing literature linking FoMO and investment decisions 

through a bibliometric analysis. As anticipated in bibliometric reviews, we contribute to both 

practice and theory (Mukherjee et al., 2022). By highlighting leading authors, articles, and 

journals we provide a valuable reference for researchers and practitioners in FoMO and 

investment decision-making. We contribute to theory by mapping the key research themes 

surrounding FoMO in finance, including its link to crypto-assets, retail psychology, and 

cognitive biases. Furthermore, the rising publication trend encourages future research 

opportunities. Below we present avenues for future research potential organized into three 

categories: (1) cluster-based result recommendations, (2) guidance offered by recent authors, and 

(3) future research directions informed by study limitations. 

 

4.1. Future research directions based on cluster results 

 

From the econometric modeling and technology perspectives, future research is directed 

to examine whether the frequency of notifications from trading applications (Clor-Proell et al., 

2019) impacts the positive asymmetric volatility in the cryptocurrency marketplace (Baur and 

Dimpfl, 2018). From the herding and investment behavior perspectives, further research is 

necessary to explore how AI-led advisory services (Maheshwari and Samantaray, 2026) could be 

used to assist high-FoMO investors during brokerage platform trading restrictions (Potsaid and 

Venkataraman, 2022). 

4.2. Future research directions based on recent authors 
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We provide four additional avenues for future research based on recent publications. 

First, future studies could explore the specific factors that distinguish crypto trading from day 

trading and online sports betting which are similar in terms of risk (Delfabbro et al., 2021). 

Second, future researchers could explore other heuristic and biases to explain how FoMO 

impacts investor decision-making, while accounting for moderators such as gender or income 

(Gupta and Shrivastava, 2022), age (Kim et al., 2020), frequency of investment (Kaur et al., 

2024), or personality (Shiva et al., 2020; Martin et al., 2022; Anaza et al., 2024). Third, future 

studies could explore the effect of mobile technology and FoMO on investor decision-making 

(Clor-Proell et al., 2019). Finally, future studies could explore how to combat FoMO with 

cognitive messaging such as rumination or doubt (Friederich et al., 2024). 

4.3. Future research directions based on study’s limitations  
 

Most citation-tracking databases like Scopus, underrepresent non-English literature and 

research from developing nations. Future research could target language-specific or context-

driven research questions to help address this gap. 

  



12 

 

References   

 

Ahiadu, A. A., Abidoye, R. B., & Yiu, T. W. (2024). Decision-Making Amid Economic 

Uncertainty: Exploring the Key Considerations of Commercial Property Investors. Buildings 

(Basel), 14(10), 3315. https://doi.org/10.3390/buildings14103315 

 

Al Reshaid, F., Tosun, P., & Merve Yanar Gürce. (2024). Cryptocurrencies as a means of 

payment in online shopping. Digital Policy, Regulation and Governance, 26(4), 375-393. 

https://doi.org/10.1108/DPRG-12-2023-0185  

 

Altaf, H., & Jan, A. (2023). Generational theory of behavioral biases in investment 

behavior. Borsa Istanbul Review, 23(4), 834–844. https://doi.org/10.1016/j.bir.2023.02.002 

 

Anaza, N. A., Upadhyaya, B., Bennett, D., & Ruvalcaba, C. (2024). Is it FOMO or is it ME? The 

influence of personality traits on cryptocurrency consumption. Psychology & Marketing, 41(1), 

184–202. https://doi.org/10.1002/mar.21919 

 

Argan, M., Altundal, V., & Tokay Argan, M. (2023). What is the role of FoMO in individual 

investment behavior? The relationship among FoMO, involvement, engagement, and 

satisfaction. Journal of East-West Business, 29(1), 69-96. 

 

Ashrafi, D. M., & Akhter, M. (2025). The green Fintech paradox: understanding the dynamics of 

green brand positioning and user decision-making in the digital financial landscape. Journal of 

Modelling in Management, 20(2), 348–389. https://doi.org/10.1108/JM2-12-2023-0294  

 

ASReview LAB developers. (2025). ASReview LAB - A tool for AI-assisted systematic reviews 

(v2.0b4). Zenodo. https://doi.org/10.5281/zenodo.15164118. 

 

Balcilar, M., & Ozdemir, H. (2023). On the risk spillover from Bitcoin to Altcoins: The fear of 

missing out and pump-and-dump scheme effects. Journal of Risk and Financial 

Management, 16(1), 1–15. https://doi.org/10.3390/jrfm16010041  

 

Balstad, M. T., & Berg, T. (2020). A long-term bibliometric analysis of journals influencing 

management accounting and control research. Journal of Management Control, 30, 357-380. 

 

Bartosiak, A., Lee, J. E., & Loibl, C. (2025). Fear of missing out, social media influencers, and 

the social, psychological and financial wellbeing of young consumers. PloS One, 20(4), 

e0319034. https://doi.org/10.1371/journal.pone.0319034  

 

Baumeister, R. and Leary, M. (1995). The need to belong: Desire for interpersonal attachments 

as a fundamental human motivation. Psychological Bulletin, 117(3), 497–529. 

 

Baur, D. G., & Dimpfl, T. (2018). Asymmetric volatility in cryptocurrencies. Economics 

Letters, 173, 148-151. 

 

https://doi.org/10.3390/buildings14103315
https://doi.org/10.1016/j.bir.2023.02.002
https://doi.org/10.1002/mar.21919
https://doi.org/10.5281/zenodo.15164118


13 

 

Bonaparte, Y. (2022). Time horizon and cryptocurrency ownership: Is crypto not 

speculative? Journal of International Financial Markets, Institutions & Money, 79, Article 

101609. https://doi.org/10.1016/j.intfin.2022.101609 

 

Bonaparte, Y., & Fabozzi, F. J. (2025). Catching the FoMO Fever: A Look at Fear in 

Finance. Journal of Portfolio Management, 51(4), 241–255. 

https://doi.org/10.3905/jpm.2024.1.664 

 

Brini, A., & Lenz, J. (2022). Assessing the resiliency of investors against cryptocurrency market 

crashes through the leverage effect. Economics Letters, 220, Article 110885. 

https://doi.org/10.1016/j.econlet.2022.110885  

 

Casillano, N. F. B. (2022). Discovering sentiments and latent themes in the views of faculty 

members towards the shift from conventional to online teaching using VADER and latent 

Dirichlet allocation. International Journal of Information and Education Technology, 12(4), 290-

298. 

 

Clor-Proell, S. M., Guggenmos, R.D. and Rennekamp, K. (2019). Mobile devices and investment 

news apps: The effects of information release, push notification, and the fear of missing out. The 

Accounting Review, 95(5), 95-115. 

 

Cobo, M. J., López-Herrera, A. G., Herrera-Viedma, E., & Herrera, F. (2011). An approach for 

detecting, quantifying, and visualizing the evolution of a research field: A practical application to 

the Fuzzy Sets Theory field. Journal of informetrics, 5(1), 146-166. 

 

Deci, E. and Ryan, R. (1985), Intrinsic Motivation and Self-determination in Human Behavior, 

New York, NY: Plenum. 

 

Dedousi, O., Fassas, A. P., & Philippas, D. (2025). Investor behavior in the NFTs market: A 

bibliometric and systematic literature review. Finance Research Letters, 80, 107398. 

 

Delfabbro, P., King, D. L., & Williams, J. (2021). The psychology of cryptocurrency trading: 

Risk and protective factors. Journal of behavioral addictions, 10(2), 201-207. 

 

Deloitte, 2021. The rise of the newly empowered retail investors. Deloitte Center for Financial 

Services, Retrieved from https://www.deloitte.com/us/en/Industries/financial-

services/articles/the-future-of-retail-brokerage.html 

 

Donthu, N., Kumar, S., Mukherjee, D., Pandey, N., & Lim, W. M. (2021). How to conduct a 

bibliometric analysis: An overview and guidelines. Journal of business research, 133, 285-296.  

Entezami, Z., Davis, C. H., & Entezami, M. (2025). An AI-Assisted Topic Model of the Media 

Literacy Research Literature. Media Literacy and Academic Research, 8(1).  

https://doi.org/10.34135/mlar-25-01-01 

Epelbaum, N. & Farrell. P.J. (2026). Artificial Intelligence and Auditing: A Bibliometric Study.  

Accounting Perspectives, 25(2), 289-311. 

https://doi.org/10.3905/jpm.2024.1.664
https://www.deloitte.com/us/en/Industries/financial-services/articles/the-future-of-retail-brokerage.html
https://www.deloitte.com/us/en/Industries/financial-services/articles/the-future-of-retail-brokerage.html
https://doi.org/10.34135/mlar-25-01-01


14 

 

Epelbaum, N. (2026). Investing in the crypto-asset environment: the effects of risk disclosures 

and the fear of missing out. International Journal of Accounting & Information 

Management, 34(1), 37-56. 

 

Evans, B. P., Glavatskiy, K., Harré, M. S., & Prokopenko, M. (2023). The impact of social 

influence in Australian real estate: market forecasting with a spatial agent-based model. Journal 

of Economic Interaction and Coordination, 18(1), 5–57. https://doi.org/10.1007/s11403-021-

00324-7 

 

Friederich, F., Meyer, J., Matute, J., & Palau‐Saumell, R. (2024). CRYPTO‐MANIA: How fear‐

of‐missing‐out drives consumers’ (risky) investment decisions. Psychology & Marketing, 41(1), 

102–117. https://doi.org/10.1002/mar.21906 

 

Freire, R. C., & Santos, V. A. (2020). Features shared between fear of missing out on rewarding 

experiences (FOMO) and internet gaming disorder. Brazilian Journal of Psychiatry, 43, 129-130. 

 

Good, M. C., & Hyman, M. R. (2020). ‘Fear of missing out’: antecedents and influence on 

purchase likelihood. Journal of Marketing Theory and Practice, 28(3), 330-341. 

https://doi.org/10.1080/10696679.2020.1766359 

 

Güler, D. (2023). The Impact of investor sentiment on bitcoin returns and conditional volatilities 

during the era of Covid-19. Journal of Behavioral Finance, 24(3), 276-289. 

https://doi.org/10.1080/15427560.2021.1975285 

 

Gunay, S., Sraieb, M. M., & Muhammed, S. (2024). Decrypting Metaverse crypto Market: A 

nonlinear analysis of investor sentiment. International Review of Financial Analysis, 96, Article 

103714. https://doi.org/10.1016/j.irfa.2024.103714 

 

Gupta, M., & Sharma, A. (2021). Fear of missing out: A brief overview of origin, theoretical 

underpinnings and relationship with mental health. World Journal of Clinical Cases, 9(19), 4881 

–4889. https://doi.org/10.12998/wjcc.v9.i19.4881 

 

Gupta, S., & Shrivastava, M. (2022). Herding and loss aversion in stock markets: mediating role 

of fear of missing out (FOMO) in retail investors. International Journal of Emerging 

Markets, 17(7), 1720-1737. https://doi.org/10.1108/IJOEM-08-2020-0933 

 

Hota, P. K., Subramanian, B., & Narayanamurthy, G. (2020). Mapping the intellectual structure 

of social entrepreneurship research: A citation/co-citation analysis. Journal of Business 

Ethics, 166(1), 89-114. https://doi.org/10.1007/s10551-019-04129-4 

 

Joshi, A. (2016). Comparison between Scopus & ISI Web of Science. Journal Global 

Values, 7(1), 1-11. ISSN (P): 0976-9447. 

 

Kala, D., Chaubey, D. S., & Al-Adwan, A. S. (2025). Cryptocurrency investment behaviour of 

young Indians: mediating role of fear of missing out. Global Knowledge, Memory and 

Communication, 74(5–6), 2047–2068. 

https://doi.org/10.1007/s11403-021-00324-7
https://doi.org/10.1007/s11403-021-00324-7
https://doi.org/10.1002/mar.21906
https://doi.org/10.1016/j.irfa.2024.103714


15 

 

Karim, M. M., Ali, M. H., Yarovaya, L., Uddin, M. H., & Hammoudeh, S. (2023). Return-

volatility relationships in cryptocurrency markets: Evidence from asymmetric quantiles and non-

linear ARDL approach. International Review of Financial Analysis, 90, Article 102894. 

https://doi.org/10.1016/j.irfa.2023.102894 

 

Kaur, M., Jain, J., & Sood, K. (2024). “All are investing in Crypto, I fear of being missed out”: 

examining the influence of herding, loss aversion, and overconfidence in the cryptocurrency 

market with the mediating effect of FOMO. Quality & Quantity, 58(3), 2237–2263. 

https://doi.org/10.1007/s11135-023-01739-z  

 

Khan, A., Goodell, J. W., Hassan, M. K., & Paltrinieri, A. (2022). A bibliometric review of 

finance bibliometric papers. Finance Research Letters, 47, 102520. 

https://doi.org/10.1016/j.frl.2021.102520 

 

Kim, H. J., Hong, J. S., Hwang, H. C., Kim, S. M., & Han, D. H. (2020). Comparison of 

Psychological Status and Investment Style Between Bitcoin Investors and Share 

Investors. Frontiers in Psychology, 11, 502295. https://doi.org/10.3389/fpsyg.2020.502295 

 

Kumar, J., Rani, M., Rani, G., & Rani, V. (2024). All are interesting to invest, I fear of missing 

out (FOMO): a comparative study among self-employed and salaried investors. Journal of 

Financial Regulation and Compliance, 32(5), 646–664. https://doi.org/10.1108/JFRC-01-2024-

0010  

 

Kumar Kulbhaskar, A., & Subramaniam, S. (2023). Breaking news headlines: Impact on trading 

activity in the cryptocurrency market. Economic Modelling, 126, Article 106397. 

https://doi.org/10.1016/j.econmod.2023.106397 

 

Laurent, L. (2021). The FOMO Economy: Is Everyone Making Money But You?. Retrieved 

from https://www.bloomberg.com/news/articles/2021-06-10/is-everyonemaking-money-but-you-

the-FoMO-economy-of-memes-crypto-housing#xj4y7vzkg. 

 

Lee, G., & Ryu, D. (2025). Fear of missing out and cryptocurrency miners: Evidence from 

Dogecoin and Litecoin. Journal of Behavioral and Experimental Finance, 46, Article 101059. 

https://doi.org/10.1016/j.jbef.2025.101059 

 

Maheshwari, H., & Samantaray, A. K. (2026). Beyond instinct: the influence of artificial 

intelligence on investment decision making among Gen Z investors in emerging 

markets. International Journal of Accounting and Information Management, 34(1), 174–192. 

https://doi.org/10.1108/IJAIM-10-2024-0371 

 

Manohar, S. (2025). Cryptocurrency as a Slice in Investment Portfolio: Identifying Critical 

Antecedents and Building Taxonomy for Emerging Economy. Asia-Pacific Financial 

Markets, 32(4), 1357–1382. https://doi.org/10.1007/s10690-024-09490-7 

 

https://doi.org/10.1016/j.irfa.2023.102894
https://doi.org/10.1007/s11135-023-01739-z
https://doi.org/10.1108/JFRC-01-2024-0010
https://doi.org/10.1108/JFRC-01-2024-0010
https://doi.org/10.1016/j.econmod.2023.106397
https://doi.org/10.1016/j.jbef.2025.101059
https://doi.org/10.1108/IJAIM-10-2024-0371
https://doi.org/10.1007/s10690-024-09490-7


16 

 

Martaningrat, N. W. S., & Kurniawan, Y. (2024). The Impact of Financial Influencers, Social 

Influencers, and FOMO Economy on the Decision-Making of Investment on Millennial 

Generation and Gen Z of Indonesia. Journal of Ecohumanism, 3(3), 1319-1335. 

 

Martin, B. A., Chrysochou, P., Strong, C., Wang, D., & Yao, J. (2022). Dark personalities and 

Bitcoin®: The influence of the Dark Tetrad on cryptocurrency attitude and buying 

intention. Personality and Individual Differences, 188, 111453. 

https://doi.org/10.1016/j.paid.2021.111453 

 

Meyer, J., Friederich, F., Matute, J., & Schwarz, M. (2024). My money—My problem: How 

fear‐of‐missing‐out appeals can hinder sustainable investment decisions. Psychology & 

Marketing, 41(11), 2677–2694. https://doi.org/10.1002/mar.22077  

 

Morsi, N., Sá, E., & Silva, J. (2025). Walking away: Investigating the adverse impact of FOMO 

appeals on FOMO-prone consumers. Business Horizons, 68(2), 197–212. 

https://doi.org/10.1016/j.bushor.2024.11.001  

 

Mukherjee, D., Lim, W. M., Kumar, S., & Donthu, N. (2022). Guidelines for advancing theory 

and practice through bibliometric research. Journal of Business Research, 148, 101-115. 

https://doi.org/10.1016/j.jbusres.2022.04.042 

 

Page, M. J., McKenzie, J. E., Bossuyt, P. M., Boutron, I., Hoffmann, T. C., Mulrow, C. D., ... & 

Moher, D. (2021). The PRISMA 2020 statement: an updated guideline for reporting systematic 

reviews. BMJ (Online), 372, n71. https://doi.org/10.1136/bmj.n71 

 

Park, D., Ryu, D., & Webb, R. I. (2024). Fear of missing out and market stability: A networked 

minority game approach. Physica A, 634, Article 129420. 

https://doi.org/10.1016/j.physa.2023.129420 

 

Perras, P., & Wagner, N. (2020). Pricing equity-bond covariance risk: Between flight-to-quality 

and fear-of-missing-out. Journal of Economic Dynamics & Control, 121, Article 104009. 

https://doi.org/10.1016/j.jedc.2020.104009 

 

Potsaid, T. and Venkataraman, S. (2022). Trading restrictions and investor reaction to non-gains, 

non-losses, and the fear of missing out: Experimental evidence. Journal of Behavioral and 

Experimental Finance, 33, 1-9. Article 100597. https://doi.org/10.1016/j.jbef.2021.100597 

 

Przybylski, A., Murayama, K., DeHaan, C.R. and Gladwell, V. (2013), Motivational, emotional, 

and behavioral correlates of fear of missing out. Computers in Human Behavior, 29(4), 1841–

1848. https://doi.org/10.1016/j.chb.2013.02.014 

 

Quan, Y., Tytko, T., & Hui, B. (2024). Utilizing ASReview in screening primary studies for 

meta-research in SLA: A step-by-step tutorial. Research Methods in Applied Linguistics, 3(1), 

100101. https://doi.org/10.1016/j.rmal.2024.100101 

 

 

https://doi.org/10.1002/mar.22077
https://doi.org/10.1016/j.physa.2023.129420
https://doi.org/10.1016/j.jedc.2020.104009


17 

 

Rasul, T., Lim, W. M., Dowling, M., Kumar, S., & Rather, R. A. (2022). Advertising 

expenditure and stock performance: A bibliometric analysis. Finance Research Letters, 50, 

103283. https://doi.org/10.1016/j.frl.2022.103283 

 

Sabia, L., Bell, R., & Bozward, D. (2022). Big fish: Leveraging the fear of missing out in equity 

crowdfunding in the post-COVID-19 era. Business Horizons, 65(1), 59–67. 

https://doi.org/10.1016/j.bushor.2021.09.006 

 

Shiva, A., Narula, S., & Shahi, S. K. (2020). What drives retail investors‟ investment decisions? 

Evidence from no mobile phone phobia (Nomophobia) and investor fear of missing out (I-

FoMO). Journal of Content, Community and Communication, 10(6), 2-20. 

DOI:10.31620/JCCC.06.20/02 

 

Song, F., Graupensperger, S., Lostutter, T. W., & Larimer, M. E. (2024). Fear of Missing out on 

Financial Gains: Associations Between Fear of Missing Out, Problem Gambling, and 

Speculative Trading in College Students. Emerging Adulthood (Thousand Oaks, CA), 12(3), 

387–397. https://doi.org/10.1177/21676968241238028  

 

van Eck, N. J., & Waltman, L. (2010). Software survey: VOSviewer, a computer program for 

bibliometric mapping. Scientometrics, 84(2), 523–538. https://doi.org/10.1007/s11192-009-

0146-3  

 

Wang, J.-N., Liu, H.-C., Lee, Y.-H., & Hsu, Y.-T. (2023). FoMO in the Bitcoin market: 

Revisiting and factors. The Quarterly Review of Economics and Finance, 89, 244–253. 

https://doi.org/10.1016/j.qref.2023.04.007  

 

Wang, J.-N., Liu, H.-C., Zhang, S., & Hsu, Y.-T. (2021). How does the informed trading impact 

Bitcoin returns and volatility? Applied Economics, 53(28), 3223–3233. 

https://doi.org/10.1080/00036846.2020.1814944 

 

Wanidwaranan, P., Wongkantarakorn, J., & Padungsaksawasdi, C. (2025). Geopolitical risk, 

herd behavior, and cryptocurrency market. The North American Journal of Economics and 

Finance, 80, Article 102487. https://doi.org/10.1016/j.najef.2025.102487 

 

You, W., Ryu, D., & Webb, R. I. (2026). Retail investors and herding behaviour in the Korean 

market. Applied Economics, 58(30), 6040–6054. 

https://doi.org/10.1080/00036846.2025.2515297 

 

Zhang, S., & Mani, G. (2021). Popular cryptoassets (Bitcoin, Ethereum, and Dogecoin), Gold, 

and their relationships: volatility and correlation modeling. Data Science and Management, 4, 

30–39. https://doi.org/10.1016/j.dsm.2021.11.001  

 

Zhang, D., Zhang, Z., & Managi, S. (2019). A bibliometric analysis on green finance: Current 

status, development, and future directions. Finance Research Letters, 29, 425–430. 

https://doi.org/10.1016/j.frl.2019.02.003 

  

https://doi.org/10.1016/j.bushor.2021.09.006
https://doi.org/10.31620/JCCC.06.20/02
https://doi.org/10.1177/21676968241238028
https://doi.org/10.1016/j.qref.2023.04.007
https://doi.org/10.1080/00036846.2020.1814944
https://doi.org/10.1016/j.najef.2025.102487
https://doi.org/10.1080/00036846.2025.2515297
https://doi.org/10.1016/j.frl.2019.02.003


18 

 

Figures 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Fig. 1. PRISMA framework 
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Fig. 2. Number of publications and citations by year in the FoMO and Finance research landscape. 

  

2017 2018 2019 2020 2021 2022 2023 2024 2025 2026

Publications 1 1 1 3 4 8 13 18 23 8

Citations 9 268 36 118 158 193 192 150 103 13

0

50

100

150

200

250

300

0

5

10

15

20

25

C
it

a
ti

o
n

s

P
u

b
li

ca
ti

o
n

s

Publications Citations



20 

 

 
Fig. 3. Word cloud highlighting the most dominant words in the abstracts of the records examined.  
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Fig. 4. Author keywords co-occurrence analysis in the FoMO and investment and Finance literature. 
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Fig. 5. Bibliometric coupling analysis depicting major clusters of FoMO and investment decisions research. 
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Tables 
 

Table 1 

List of most cited authors and articles in the FoMO and finance research field. 

Panel A: Top eight authors by the number of citations   
Panel B: Top eight articles by the number of 

citations 

Rank Author Publications Citations 

Citations 

per 

publications  

Rank Article Citations 

=1 Baur, Dirk G.  1 268 233  1 Baur and Dimpfl (2018) 268 

=1 Dimpfl, Thomas  1 268 233  2 Delfabbro et al. (2021) 114 

  3 Delfabbro, Paul 3 119 40  3 Gupta and Shrivastava (2022)  77 

=3 King, Daniel L. 3 119 40  4 Shiva et al. (2020) 62 

  5 Williams, Jennifer 1 114 114  5 Martin et al. (2022) 55 

=6 Gupta, Shilpi 1 77 77  6 Güler (2023) 51 

=6 
Shrivastava, 

Monica 
1 77 77 

 
7 Kim et al. (2020) 46 

=8 Narula, Sumit 1 62 62  8 Clor-Proell et al. (2019) 36 

=8 Shahi, Shashi K. 1 62 62  9 Kaur et al. (2024) 33 

=8 Shiva, Atul 1 62 62   10 Kala et al. (2025) 30 
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Table 2 

Ten most cited journals in at the intersection of FoMO and Finance research. 

Rank Journal 

SCImago 

Journal 

Rank 

(SJR) 

SNIP 

Factors 
Publications Citations 

Citations 

per 

publications 

1 Economics Letters Q2 0.891 2 275 138 

2 Journal of Behavioral Addictions Q1 2.073 1 114 114 

3 International Journal of Emerging Markets Q1 1.394 1 77 77 

4 
Journal of Content, Community and 

Communication 
Q2 0.426 1 62 62 

5 Personality and Individual Differences Q1 1.325 1 55 55 

6 Journal of Behavioral Finance Q2 1.035 1 51 51 

7 Psychology and Marketing Q1 2.651 3 48 16 

8 Frontiers in Psychology Q1 1.446 1 46 46 

9 Accounting Review Q1 2.682 1 36 36 

10 Quality and Quantity Q1 1.881 1 33 33 
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Table 3 

Major research clusters composition.  

Research Cluster References 

Red 

Al Reshaid et al. (2024); Anaza et al. (2024); Ashrafi and Akhter (2025); 

Bartosiak et al. (2025); Delfabbro et al. (2021); Friederich et al. (2024); 

Gupta and Shrivastava (2022); Kim et al. (2020); Martin et al. (2022); 

Meyer et al. (2024); Morsi et al. (2025); Song et al. (2024). 

Green 

Balcilar and Ozdemir (2023); Baur and Dimpfl (2018); Bonaparte (2022); 

Brini and Lenz (2022); Güler (2023); Gunay et al. (2024); Karim et al. 

(2023); Kumar Kulbhaskar and Subramaniam (2023); Perras and Wagner 

(2020); Wang et al. (2021); Wang et al. (2023); Zhang and Mani (2021). 

Blue 

Bonaparte and Fabozzi (2025); Kaur et al. (2024); Kumar et al. (2024); Lee 

and Ryu (2025); Maheshwari and Samantaray (2026); Manohar (2025); 

Park et al. (2024); Wanidwaranan et al. (2025); You et al. (2026). 

Yellow 
Ahiadu et al. (2024); Altaf and Jan (2023); Clor-Proell et al. (2019); Sabia 

et al. (2022); Shiva et al. (2020). 

Purple 
Argan et al. (2023); Evans et al. (2023); Kala et al. (2025); Potsaid and 

Venkataraman (2022). 

 
 

 

 


